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Comparison Between Two Methods Iteratively Re-weighted
Least Squares and Weighted Least Squares for Estimate of
Negative Binomial Model
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Abstract
The parameters of negative binomial regression nodel :[ iteratively re-weighted least square
(IRLS) and weighted least square (WLS)]. The goal of the study to reach the best method for
estimation , where random sample taken of (257) patients consider of newborn suffering from
congenital anomalies, who registered in the department of health Babylon . The result show us
that the nzlethod of (IRLS)is the best because it has the least mean square error MSE and the
highest R” .
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