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((Comparison Between Bayes and Goal Programming to
Choose The best Method of Estimate of Multiple Regression

Parameters Depending on The Simulation))
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Abstract:
Bayes Method depend on normal conjugate prior (pdf) and Goal Programming Method are
used in this peeper to estimate the parameters of Multiple Regression. The aime of the research

is to show the best method based on the mean square error (MSE). The results of Experimental
analysis show that Bayes Method is the best for all quantities of (O') and different sample size
(n).
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Bo -0.0037 -0.0112
B1 0.6754 0.0169
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B3 0.3495 0.0271
o =0.01 B4 0.1298 -0.0073
Bs -0.2413 0.0009
Be 0.1340 0.0127
B 0.5072 -0.0224
MSE 0.0732 0.0983
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