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Using Simulation to Compare between Bayes and Maximum A

Posteriori Methods to Estimate the Four—Parameter Weibull Growth
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Estimate the Four—Parameter
Weibull Growth Model
The Weibull growth model is an

important model especially for
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describe the growth in stability,
therefore in this paper, two
methods Bayes and Maximum A
Posteriori for estimating the four—
parameter Weibull growth model
has been presented and
compared between these
methods. To achieve this aim it
is necessary to use a simulation

technique to generate the
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samples and perform the

required  comparisons,  using
varying sample sizes (10, 15, 20,
25 and 30) and models
depending on the standard
deviation (0.5). It has been
shown from the computational
results which gives the best

estimates is Bayes method.
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