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ABSTRACT

In this paper, we have studied the Normalized Cut algorithm to segment the medical
images that was widely used in the last decade. And we based on Image in contourlet domain
that supports rich information in Low _ Low frequency. And a clear edges in High_ High
frequency.

As motion above, we can replace the algorithm filters by the high frequency contourlet
coefficient, and then the edges will be projected on the original image to obtain a segment to be
studied independently.

When the proposed algorithm applied on the medical images after exchanging the
previous filter by the contourlet coefficients, Adopted in addition to extract the properties of the
selected segment to be recognized by human eyes.

Keywords: Normalized Cut algorithm, contourlet domain.
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