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Air pollution is one of the important problems that our country, Irag,
suffers from at the present time . Pollution has many risks the most
important being that it affects human health primarily and some economic
risks. In order to find out the most critical factors affecting air pollution,
a group of factors that affect air pollution was studied and analyzed using
one of the methods of selecting variables, the Reciprocal Lasso method.
from collected monthly data for a period of five years (2016-2020), And
using the R language program, it was concluded that the most important
factors affecting air pollution mainly are three factors (burning gas
associated with oil production, gas emissions from car exhausts, burning
waste in landfill sites).

https://doi.org/10.55562/jrucs.v54i1.573

36



mailto:saif.hosam@qu.edu.iq
https://www.google.com/search?rlz=1C2CHBD_arIQ905IQ905&q=University+of+Al-Qadisiyah&stick=H4sIAAAAAAAAAONgVuLSz9U3MDHOMy7JesRoyi3w8sc9YSmdSWtOXmNU4-IKzsgvd80rySypFJLgYoOy-KR4uJC08SxilQrNyyxLLSoGyirkpyk45ugGJqZkFmdWJmYAADPT6yRjAAAA
https://www.google.com/search?rlz=1C2CHBD_arIQ905IQ905&q=University+of+Al-Qadisiyah&stick=H4sIAAAAAAAAAONgVuLSz9U3MDHOMy7JesRoyi3w8sc9YSmdSWtOXmNU4-IKzsgvd80rySypFJLgYoOy-KR4uJC08SxilQrNyyxLLSoGyirkpyk45ugGJqZkFmdWJmYAADPT6yRjAAAA
https://www.google.com/search?rlz=1C2CHBD_arIQ905IQ905&q=University+of+Al-Qadisiyah&stick=H4sIAAAAAAAAAONgVuLSz9U3MDHOMy7JesRoyi3w8sc9YSmdSWtOXmNU4-IKzsgvd80rySypFJLgYoOy-KR4uJC08SxilQrNyyxLLSoGyirkpyk45ugGJqZkFmdWJmYAADPT6yRjAAAA
https://www.google.com/search?rlz=1C2CHBD_arIQ905IQ905&q=University+of+Al-Qadisiyah&stick=H4sIAAAAAAAAAONgVuLSz9U3MDHOMy7JesRoyi3w8sc9YSmdSWtOXmNU4-IKzsgvd80rySypFJLgYoOy-KR4uJC08SxilQrNyyxLLSoGyirkpyk45ugGJqZkFmdWJmYAADPT6yRjAAAA
mailto:enas.albasri@uokerbala.edu.iq
https://www.google.com/search?rlz=1C2CHBD_arIQ905IQ905&q=University+of+Al-Qadisiyah&stick=H4sIAAAAAAAAAONgVuLSz9U3MDHOMy7JesRoyi3w8sc9YSmdSWtOXmNU4-IKzsgvd80rySypFJLgYoOy-KR4uJC08SxilQrNyyxLLSoGyirkpyk45ugGJqZkFmdWJmYAADPT6yRjAAAA
mailto:saif.hosam@qu.edu.iq
https://doi.org/10.55562/jrucs.v54i1.571

