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((CoX gisail ) dpalaal) dpd jlaady) zilad & ol i gl o glas) Jlarina)

O e ol 5 el L Jll e 355 0
ALaidy| 9 BJ\JY\ :\:AS / ;)_1)5 Z\M\A

(osieale Al ) (e e i)

_: el
(2015 — 2014) 5 il U4 i Laal) Allally Uiaa Lad s
Qi sl gl Jlam il ) c_al:ul\ Chin M g @\)M}J\} Lﬁa,.xﬁﬂ\ Cox _laadl G'J}q.'a\ Jlaa iy bl Jalss A

Abstract :-

The data used in the research were obtained from al-Husseini hospital in the holy city of Karbala
included ( 182) people infected with stroke during the period (2015-2014).

The data was using a specimen decline of traditional Cox and Bootstrap analysis of the results
shows that the use of style bootstrap gives a more accurate and .
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