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ABSTRACT

The fact that English language is a universal language, so it is necessary to propose
a computerized ways to recognize the texts written in English language, which will
simplifies the reading of any text, treat it, and deal with it in a least possible time.

The BAM (Bidirectional Associative Memory) network was used to recognize the
printed English letters, because it process the small size images of letters in an easy way,
also BAM is working in two ways (forward and backward) and store the weights without
any amendment, therefore BAM is considered as one of the networks of education
controller (Supervised learning).

The recognition of the printed English text was done using the network BAM, while
the printed English text was entered to the computer using the scanner, also BAM network
used to recognize the letters that have some noise and after training; it gives successful
results of recognition about 84.6%.

The aim of this research is to segment and recognize the printed English text,
wither it is clear or it have some noise, Matlab R2008a language is used to accomplish this
work.
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+ dec2binvec
Convert digital input and output decimal value to binary vector.
LB anie ) (gydall 1AV i)l JANY) Jsa
Syntax
out = dec2binvec(dec)
out = dec2binvec(dec,bits)
Arguments

Dec A decimal value. dec must be non-negative.

bits Number of bits used to represent the decimal number.

Out A logical array containing the binary vector.

Examples
To convert the decimal value 23 to a binvec value:
dec2binvec(23)
ans= 1 1 1 0 1
To convert the decimal value 23 to a binvec value using six bits:
dec2binvec(23,6)
ans= 1 1 1 0 1 O
To convert the decimal value 23 to a binvec value using four bits, then the result uses
five bits. This is the minimum number of bits required to represent the number.
dec2binvec(23,4)
ans= 1 1 1 0 1

¢ resizem
Resize regular data grid.
Apallaill Gkl ASed anmas sale)
Syntax

Z = resizem(Z1, scale)

Z = resizem(Z1, [numrows numcols])

[Z, R] = resizem(Z1, scale, R1)

[Z, R] = resizem(Z1, [numrows numcols], R1)

[...] = resizem(..., method)

Example
Double the size of a grid then reduce it using different methods:
Z=[12;34]
Z =
12
34

neargrid = resizem(Z,2)
neargrid= 11 2 2

1122
3344
3344
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bilingrid = resizem(Z,2,'bilinear’)
bilingrid = 1.0000 1.3333 1.6667 2.0000
1.6667 2.0000 2.3333 2.6667
2.3333 2.6667 3.0000 3.3333
3.0000 3.3333 3.6667 4.0000
bicubgrid = resizem(bilingrid,[3 2],'bicubic’)
bicubgrid= 0.7406 1.2994
1.6616 2.3462
1.9718 2.5306
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