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Abstract:
In this paper has been building a statistical model of the Saudi financial market using
GARCH models that take into account Volatility in prices during periods of circulation,
were also study the effect of the type of random error distribution of the time series on
the accuracy of the statistical model, as it were studied two types of statistical
distributions are normal distribution and the T distribution. and found by application of a

measured data that the best model for the Saudi market is GARCH (1,1) model when the
student's . random error distributed t.
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