2008:../52 /14 44 33 ¥l2oLaB Y udlils

yutttniel| 9] S il | St | (0
Neural Networks as a Discriminant Purposes
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Abstract

Discriminant between groups is one of the common procedures
because of its ability to analyze many practical phenomena, and there are
several methods can be used for this purpose, such as linear and quadratic
discriminant functions. recently, neural networks is used as a tool to
distinguish between groups.

In this paper the simulation is used to compare neural networks and
classical method for classify observations to group that is belong to, in
case of some variables that don’t follow the normal distribution. we use
the proportion of number of misclassification observations to the all
observations as a criterion of comparison.
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20| 0.184 0.161 0.161 0.162 0.161
40 | 0.182 0.158 0.158 0.155 0.154
80| 0.182 0.159 0.155 0.156 0.153
100 | 0.171 0.140 0.139 0.143 0.143
150 | 0.172 0.141 0.140 0.144 0.144
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