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Abstract:

The popular classical estimates for parameters of distributions are highly influenced
by outliers, to avoid the effect of these outliers; robust estimates for parameters should be
located gives approximate value of the classical estimation when the data are free from
outliers.

In this paper, suggestion was made to use (MADy /D, D > 0) as a robust estimates
for the parameter of the exponential distribution. A simulation technique was used to
generate data in different size based on random number generation to compare between the
suggested robust estimates for different value of («) with the standard deviation depending
on the mean square error (MSE). Results indicate that (MAD;§, /0.327) is the best
robust estimator for the parameter of exponential distribution of different size for the
samples generated and for different value of the parameter.
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" "METHOD | «=01 0.25 0.4 SD
EQD) 11.02 3.256 1.345 1617
10 | Var(d) 24625 2.008 0.388 0.362
biased 10.020 2.256 0.345 0.617
MSE 125.036 7.099 0.506 0.742
EQD) 12.018 3.221 1.453 1.857
50 | Var(d) 5.549 0.362 0.072 0.078
biased 11.018 2.221 0.453 0.278
MSE 126.952 5.295 0.278 0.812
EQD) 12.270 3.211 1.466 2.407
5 | Var(d) 4117 0.235 0.053 0.083
biased 11.270 2211 0.466 1.403
MSE 131.130 5.123 0.270 2.063
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" [ METHOD | «=0.1 0.25 0.4 SD
E() 22.097 6.499 2.716 3.081
10 | Var(d) 91.029 7.780 1.729 1.899
biased 20.097 4.499 0.716 1.081
MSE 494.929 28.022 2.241 3.068
E() 23.925 6.481 2.937 3.732
g | Var(l) 21.372 1.417 0.313 0.318
biased 21.925 4.481 0.937 1.732
MSE 502.087 21.492 1.192 3.316
E(A) 24.488 6.475 2.929 4.828
s | Var(d) 17.408 0.957 0.216 0.346
biased 22.488 4.475 0.929 2.828
MSE 523.133 20.979 1.078 8.345
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METHOD | «=0.1 0.25 0.4 SD
E(D) 34.070 9.912 4.069 4.804
10 | Var(d) 235.397 18.115 3.344 3.535
biased 31.070 6.912 1.069 1.804
MSE 1200.744 65.889 4.486 6.789
E(A) 36.112 9.650 4.369 5.586
50 Var(1) 54.402 3.261 0.721 0.757
biased 33.112 6.650 1.369 2.586
MSE 1150.820 47.481 2.596 7.444
E() 36.732 9.712 4.393 7.242
75 Var(1) 39.168 2.154 0.485 0.779
biased 33.732 6.712 1.393 4.242
MSE 1177.05 47.202 2.426 18.777
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