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Sourse: Baraithiya, H., & Pateriya, R. K. (2019). Classifiers ensemble for fake review detection. Int. J.
Innov. Technol. Explor. Eng, 8(4), 730-736.
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Source: Hussain, L., Awan, I. A., Aziz, W., Saeed, S., Ali, A., Zeeshan, F., & Kwak, K. S. (2020).
Detecting congestive heart failure by extracting multimodal features and employing machine learning
techniques. BioMed research international, 2020.
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Source: Noyum, V. D., Mofenjou, Y. P., Feudjio, C., Goktug, A., & Fokoué, E. (2021). Boosting the
Predictive Accuracy of Singer Identification Using Discrete Wavelet Transform For Feature
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Source: Papadonikolakis, M., & Bouganis, C. S. (2012). Novel cascade FPGA accelerator for support
vector machines classification. IEEE transactions on neural networks and learning systems, 23(7),
1040-1052.
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(VS5 Ul e Jgeand) i aclall as sl A1 gakai 2 L
linear kernel 413 aladicly Sym gl :(1) Jsia
n kernel ¢ 5 C Acc
1 linear 0.001 69.524
2 linear 0.01 69.524
3 linear 0.1 67.619
4 linear 1 69.524
5 linear 10 71.429
6 linear 100 71.429
7 linear 1000 70.476

OV dsaall Hedays € Aalaall a2 e‘&u\é&pw\ &)ﬂ\ﬁ\a@SVm e\:&ﬁu\.ju_'gjmﬂ\ C_a\:u&.qg 1 dﬁ;l!
.C Aalaall 100 5 10 Ciadl) die st (9471.429) 48y e

rbf kernel 413 aladiuls Sym @il :(2) Jo

n kernel ¢ 5 C G Acc

1 rbf 0.001 0.001 86.667
2 rbf 0.001 0.01 86.667
3 rbf 0.001 0.1 86.667
4 rbf 0.001 1 86.667
5 rbf 0.001 10 86.667
6 rbf 0.001 100 86.667
7 rbf 0.001 1000 86.667
8 rbf 0.01 0.001 86.667
9 rbf 0.01 0.01 86.667
10 rbf 0.01 0.1 86.667
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11 rbf 0.01 1 86.667
12 rbf 0.01 10 86.667
13 rbf 0.01 100 86.667
14 rbf 0.01 1000 86.667
15 rbf 0.1 0.001 86.667
16 rbf 0.1 0.01 86.667
17 rbf 0.1 0.1 86.667
18 rbf 0.1 1 86.667
19 rbf 0.1 10 86.667
20 rbf 0.1 100 86.667
21 rbf 0.1 1000 86.667
22 rbf 1 0.001 91.429
23 rbf 1 0.01 91.429
24 rbf 1 0.1 91.429
25 rbf 1 1 91.429
26 rbf 1 10 91.429
27 rbf 1 100 91.429
28 rbf 1 1000 91.429
29 rbf 10 0.001 91.429
30 rbf 10 0.01 91.429
31 rbf 10 0.1 91.429
32 rbf 10 1 91.429
33 rbf 10 10 91.429
34 rbf 10 100 91.429
35 rbf 10 1000 91.429
36 rbf 100 0.001 91.429
37 rbf 100 0.01 91.429
38 rbf 100 0.1 91.429
39 rbf 100 1 91.429
40 rbf 100 10 91.429
41 rbf 100 100 91.429
42 rbf 100 1000 91.429
43 rbf 1000 0.001 91.429
44 rbf 1000 0.01 91.429
45 rbf 1000 0.1 91.429
46 rbf 1000 1 91.429
47 rbf 1000 10 91.429
53 rbf 1000 100 91.429
59 rbf 1000 1000 91.429

Janiall a3 C Guuﬂﬁésm(.\m\e:q; rbftsj.'d\u\q@ ste\mQM\@m&q(z)dﬁ;
1000 N 0.1 (o € 4 S5 Ladie (991,429 48y el e

polynomial kernel 412 aladiuly Sym il :(3) Jdsia

n kernel ¢ s C G d R Acc

1 polynomial 0.001 0.001 1 1 72.381
2 polynomial 0.001 0.01 1 1 71.429
3 polynomial 0.001 0.1 1 1 71.429
4 polynomial 0.001 1 1 1 69.524
5 polynomial 0.001 10 1 1 71.429
6 polynomial 0.001 100 1 1 69.524
7 polynomial 0.001 1000 1 1 70.476
8 polynomial 0.01 0.001 1 1 72.381
9 polynomial 0.01 0.01 1 1 71.429
10 polynomial 0.01 0.01 1 1 69.524

110




ol I sl 5.0 ol alad dzna Slasl adatl) (3 eell dgall D1 &5 placiwl AW egud) Sblo Caduas

11 polynomial 0.01 0.01 1 1 69.524
12 polynomial 0.01 10 1 1 69.524
13 polynomial 0.01 100 1 1 69.524
14 polynomial 0.01 1000 1 1 70.476
15 polynomial 0.1 0.001 1 1 74.286
16 polynomial 0.1 0.01 1 1 70.476
17 polynomial 0.1 0.1 1 1 66.667
18 polynomial 0.1 1 1 1 68.571
19 polynomial 0.1 10 1 1 69.524
20 polynomial 0.1 100 1 1 66.667
21 polynomial 0.1 1000 1 1 69.524
22 polynomial 1 0.001 1 1 71.429
23 polynomial 1 0.01 1 1 70.476
24 polynomial 1 0.1 1 1 66.667
25 polynomial 1 0.01 1 1 69.524
26 polynomial 1 10 1 1 68.571
27 polynomial 1 100 1 1 66.667
28 polynomial 1 100 1 1 69.524
29 polynomial 10 0.001 1 1 72.381
30 polynomial 10 0.01 1 1 70.476
31 polynomial 10 0.1 1 1 71.429
32 polynomial 10 1 1 1 71.429
33 polynomial 10 10 1 1 70.476
34 polynomial 10 100 1 1 68.571
35 polynomial 10 1000 1 1 69.524
36 polynomial 100 0.001 1 1 71.429
37 polynomial 100 0.01 1 1 66.667
38 polynomial 100 0.01 1 1 68.571
39 polynomial 100 0.1 1 1 65.714
40 polynomial 100 0.1 1 1 70.476
41 polynomial 100 10 1 1 68.571
42 polynomial 100 100 1 1 69.524
43 polynomial 100 1000 1 1 70.476
44 polynomial 1000 0.001 1 1 72.381
45 polynomial 1000 0.01 1 1 71.429
46 polynomial 1000 0.1 1 1 70.476
47 polynomial 1000 1 1 1 71.429
48 polynomial 1000 10 1 1 68.571
49 polynomial 1000 100 1 1 69.524
50 polynomial 1000 1000 1 1 69.524
51 polynomial 0.001 0.001 2 1 67.619
52 polynomial 0.001 0.01 2 1 73.333
53 polynomial 0.001 0.1 2 1 71.429
54 polynomial 0.001 10 2 1 47.619
55 polynomial 0.001 100 2 1 47.619
56 polynomial 0.001 1000 2 1 47.619
57 polynomial 0.01 0.001 2 1 44,762
58 polynomial 0.01 0.01 2 1 71.429
59 polynomial 0.01 0.1 2 1 71.429
60 polynomial 0.01 10 2 1 47.619
61 polynomial 0.01 100 2 1 47.619
62 polynomial 0.01 1000 2 1 47.619
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63 polynomial 0.01 0.1 2 1 70.476
64 polynomial 0.1 0.01 2 1 72.381
65 polynomial 0.1 0.1 2 1 71.429
66 polynomial 0.1 10 2 1 47.619
67 polynomial 0.1 100 2 1 47.619
68 polynomial 0.1 1000 2 1 47.619
69 polynomial 1 0.001 2 1 66.667
70 polynomial 1 0.01 2 1 70.476
71 polynomial 1 0.1 2 1 71.429
72 polynomial 1 10 2 1 47.619
73 polynomial 1 100 2 1 47.619
74 polynomial 1 1000 2 1 47.619
75 polynomial 1 0.001 2 1 66.667
76 polynomial 10 0.01 2 1 70.476
77 polynomial 10 10 2 1 47.619
78 polynomial 10 100 2 1 47.619
79 polynomial 10 1000 2 1 47.619
80 polynomial 10 0.1 2 1 71.429
81 polynomial 100 0.001 2 1 68.571
82 polynomial 100 0.01 2 1 74.286
83 polynomial 100 0.1 2 1 71.429
84 polynomial 100 10 2 1 47.619
85 polynomial 100 100 2 1 47.619
86 polynomial 100 1000 2 1 47.619
87 polynomial 1000 0.001 2 1 71.429
88 polynomial 1000 0.01 2 1 70.476
89 polynomial 1000 0.1 2 1 71.429
90 polynomial 1000 10 2 1 47.619
91 polynomial 1000 100 2 1 47.619
92 polynomial 1000 1000 2 1 47.619
93 polynomial 0.001 0.001 3 1 47.619
94 polynomial 0.001 0.01 3 1 47.619
95 polynomial 0.001 0.1 3 1 47.619
96 polynomial 0.001 1 3 1 47.619
97 polynomial 0.001 10 3 1 47.619
98 polynomial 0.001 100 3 1 47.619
99 polynomial 0.001 1000 3 1 47.619
100 polynomial 0.01 0.001 3 1 47.619
101 polynomial 0.01 0.01 3 1 47.619
102 polynomial 0.01 0.01 3 1 47.619
103 polynomial 0.01 0.01 3 1 47.619
104 polynomial 0.01 10 3 1 47.619
105 polynomial 0.01 100 3 1 47.619
106 polynomial 0.01 1000 3 1 47.619
107 polynomial 0.1 0.001 3 1 47.619
108 polynomial 0.1 0.01 3 1 47.619
109 polynomial 0.1 0.1 3 1 47.619
110 polynomial 0.1 1 3 1 47.619
111 polynomial 0.1 10 3 1 47.619
112 polynomial 0.1 100 3 1 47.619
113 polynomial 0.1 1000 3 1 47.619
114 polynomial 1 0.001 3 1 47.619
115 polynomial 1 0.01 3 1 47.619
116 polynomial 1 0.1 3 1 47.619
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117 polynomial 1 0.01 3 1 47.619
118 polynomial 1 10 3 1 47.619
119 polynomial 1 100 3 1 47.619
120 polynomial 1 100 3 1 47.619
121 polynomial 10 0.001 3 1 47.619
122 polynomial 10 0.01 3 1 47.619
123 polynomial 10 0.1 3 1 47.619
124 polynomial 10 1 3 1 47.619
125 polynomial 10 10 3 1 47.619
126 polynomial 10 100 3 1 47.619
127 polynomial 10 1000 3 1 47.619
128 polynomial 100 0.001 3 1 47.619
129 polynomial 100 0.01 3 1 47.619
130 polynomial 100 0.1 3 1 47.619
131 polynomial 100 0.1 3 1 47.619
132 polynomial 100 10 3 1 47.619
133 polynomial 100 100 3 1 47.619
134 polynomial 100 1000 3 1 47.619
135 polynomial 1000 0.001 3 1 47.619
136 polynomial 1000 0.01 3 1 47.619
137 polynomial 1000 0.1 3 1 47.619
138 polynomial 1000 1 3 1 47.619
139 polynomial 1000 10 3 1 47.619
140 polynomial 1000 100 3 1 47.619
141 polynomial 1000 1000 3 1 47.619
142 polynomial 0.001 0.001 4 1 47.619
143 polynomial 0.001 0.01 4 1 47.619
144 polynomial 0.001 0.1 4 1 47.619
145 polynomial 0.001 1 4 1 47.619
146 polynomial 0.001 10 4 1 47.619
147 polynomial 0.001 100 4 1 47.619
148 polynomial 0.001 1000 4 1 47.619
149 polynomial 0.01 0.001 4 1 47.619
150 polynomial 0.01 0.01 4 1 47.619
151 polynomial 0.01 0.01 4 1 47.619
152 polynomial 0.01 0.01 4 1 47.619
153 polynomial 0.01 10 4 1 47.619
154 polynomial 0.01 100 4 1 47.619
155 polynomial 0.01 1000 4 1 47.619
156 polynomial 0.1 0.001 4 1 47.619
157 polynomial 0.1 0.01 4 1 47.619
158 polynomial 0.1 0.1 4 1 47.619
159 polynomial 0.1 1 4 1 47.619
160 polynomial 0.1 10 4 1 47.619
161 polynomial 0.1 100 4 1 47.619
162 polynomial 0.1 1000 4 1 47.619
163 polynomial 1 0.001 4 1 47.619
164 polynomial 1 0.01 4 1 47.619
165 polynomial 1 0.1 4 1 47.619
166 polynomial 1 0.01 4 1 47.619
167 polynomial 1 10 4 1 47.619
168 polynomial 1 100 4 1 47.619
169 polynomial 1 100 4 1 47.619
170 polynomial 10 0.001 4 1 47.619
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171 polynomial 10 0.01 4 1 47.619
172 polynomial 10 0.1 4 1 47.619
173 polynomial 10 1 4 1 47.619
174 polynomial 10 10 4 1 47.619
175 polynomial 10 100 4 1 47.619
176 polynomial 10 1000 4 1 47.619
177 polynomial 100 0.001 4 1 47.619
178 polynomial 100 0.01 4 1 47.619
179 polynomial 100 0.1 4 1 47.619
180 polynomial 100 0.1 4 1 47.619
181 polynomial 100 10 4 1 47.619
182 polynomial 100 100 4 1 47.619
183 polynomial 100 1000 4 1 47.619
184 polynomial 1000 0.001 4 1 47.619
185 polynomial 1000 0.01 4 1 47.619
186 polynomial 1000 0.1 4 1 47.619
187 polynomial 1000 1 4 1 47.619
188 polynomial 1000 10 4 1 47.619
189 polynomial 1000 100 4 1 47.619
190 polynomial 1000 1000 4 1 47.619
191 polynomial 0.001 0.001 5 1 47.619
192 polynomial 0.001 0.01 5 1 47.619
193 polynomial 0.001 0.1 5 1 47.619
194 polynomial 0.001 1 5 1 47.619
195 polynomial 0.001 10 5 1 47.619
196 polynomial 0.001 100 5 1 47.619
197 polynomial 0.001 1000 5 1 47.619
198 polynomial 0.01 0.001 5 1 47.619
199 polynomial 0.01 0.01 5 1 47.619
200 polynomial 0.01 0.01 5 1 47.619
201 polynomial 0.01 0.01 5 1 47.619
202 polynomial 0.01 10 5 1 47.619
203 polynomial 0.01 100 5 1 47.619
204 polynomial 0.01 1000 5 1 47.619
205 polynomial 0.1 0.001 5 1 47.619
206 polynomial 0.1 0.01 5 1 47.619
207 polynomial 0.1 0.1 5 1 47.619
208 polynomial 0.1 1 5 1 47.619
209 polynomial 0.1 10 5 1 47.619
210 polynomial 0.1 100 5 1 47.619
211 polynomial 0.1 1000 5 1 47.619
212 polynomial 1 0.001 5 1 47.619
213 polynomial 1 0.01 5 1 47.619
214 polynomial 1 0.1 5 1 47.619
215 polynomial 1 0.01 5 1 47.619
216 polynomial 1 10 5 1 47.619
217 polynomial 1 100 5 1 47.619
218 polynomial 1 100 5 1 47.619
219 polynomial 10 0.001 5 1 47.619
220 polynomial 10 0.01 5 1 47.619
221 polynomial 10 0.1 5 1 47.619
222 polynomial 10 1 5 1 47.619
223 polynomial 10 10 5 1 47.619
224 polynomial 10 100 5 1 47.619
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225 polynomial 10 1000 5 1 47.619
226 polynomial 100 0.001 5 1 47.619
227 polynomial 100 0.01 5 1 47.619
228 polynomial 100 0.1 5 1 47.619
229 polynomial 100 0.1 5 1 47.619
230 polynomial 100 10 5 1 47.619
231 polynomial 100 100 5 1 47.619
232 polynomial 100 1000 5 1 47.619
233 polynomial 1000 0.001 5 1 47.619
234 polynomial 1000 0.01 5 1 47.619
235 polynomial 1000 0.1 5 1 47.619
236 polynomial 1000 1 5 1 47.619
237 polynomial 1000 10 5 1 47.619
238 polynomial 1000 100 5 1 47.619
239 polynomial 1000 1000 5 1 47.619

Cs G sd sr Slalsall adisac aladiul &5 Eus polynomial s sill A1y ae Sym aladinly Caiail) &35 Jiay (3) Jsos
(2) 5(1) d eds (0.01) 5(0.001) G ads (100) 5(0.1) C ed 2o a3 35 (%74.286) 362 e o) Lale

kernel J1 g3 aladiuly Sym A 484 ilii ad o) Jiay :(4) Jo>

N Kernel Acc

1 Linear 71.429
2 Rbf 91.429
3 Polvnomial 74.286

(%91429) L;\ dmﬁ Lfﬂ\} rbf ng.d\ adla e\.ﬁ;.l.u\ Qe 4_5.3“ ‘; 7’);‘-.‘5 EJL“) ﬂ]\_& u\ L;)u 4 F 3)25 1 d}h}j\ dv\é e
(Y 5 el il e J seanll o3 rbf o il Alla gadaill e
rbf s A3 pladdady Sym <l disa 3(5) dssa

N P EN EP
41 55 0 _ 9
SV a5 el 21235 1D (553 A1 A350 ac ] anidl A1 ol o 4k ol S el 038 (e
rbf sl 413 aladinly Sym  wlaa Jiay :(6)J s>
ACC SPE SEN EFPR
91.429 82 85.9375 18

O sle Ja @l g ddala agudl 5 saclia agul () i) Caial a3 4il LDl (6) Jsaa (35S0 el DA (e
Jaa s IS8 Jasdi sym A3y )k
ik L rbf kernel (sl alla alaaiuly sym gl < ekl
rbf kernel & sil Al alasin) vie sym 4 Ll Ll ¢ dadeall A0 o)) 1
48y el e Jeani 1000 N 0.1 (e € 3nd o sSilaxie g
a8 el e Jeani0.001 &N 0.01 o € 3n (S laxie
rbf kernel s s 4ls alasind sie sym 8 S Ll ld pul g Aadedl dad ) 2
Conclusions and Recommendation  <luagilly clalitiuy) 4
clatiiay 4.1
sacliall agull il Cayiai 8 Allad CalS il 5 aa By CuilS aclall asiall A 48y () ol @pehl L]
Aol agu¥l s
.91.429 % 48 zilis il Linear <l Aly aladiu) 235 71,429 484l il CulS 5 rhf Qlll Al aladsiul 50 2
C_a\_"u el casas 28 ppf Ul dla o) e Ja &lld g 74,286 48l sy <ilS 5 Polynomial Qll) &la aladsia) AP
46l
1000 0.1 e € Aalaall dad () oS5 Ladie @lld g rbf Qlll Ally 838214k o) e Jpasll &5 3
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The financial markets are considered to be of
continuous, dynamic and accelerating movement,
which leads to the need for techniques methods
and means for analysis and decision-making,
which push investors and analysts in the financial
markets to use various analysis methods and
forecasting approaches for the direction of the
financial market movement to make decisions for
different investments in order to determine the
direction of the stock movement, thus the Support
Vector Machine method (SVM) is used to classify
financial stock data to determine the direction of
the stock, whether it is in an upward or
downward trend. The aim of the research is to
classify the financial stock data using five
variables, where data from The lraqgi Islamic
Bank for Investment and Development is used to
clarify the method of the Support Vector
Machine. The results showed accuracy of this
technique and the performance of the Support
Vector Machine is good.
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