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Abstract:

In this paper, we will study non parametric model when the response
variable have missing data (non response) in observations it under
missing mechanisms MCAR, then we suggest Kernel-Based Non-
Parametric Single-Imputation instead of missing value and compare it
with Nearest Neighbor Imputation by using the simulation about some
difference models and with difference cases as the sample size, variance
and rate of missing data.
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10% | 0.2164 | 0.2709 | 0.3383 | 0.2361 | 0.3080 | 0.4054
5o |_20% | 021147 0.2565 | 0.3401 | 0.2548 | 0.3469 | 0.4732
_ 30% | 0.2000 | 0.2473 | 0.3082 | 0.2656 | 0.3803 | 0.5462
10% | 0.1398 | 0.1785 | 0.2242 | 0.1482 | 0.2017 | 0.2636
100 |_20% [0.1351 | 0.1645 | 0.2146 | 0.1573 | 0.2052 | 0.2977
30% | 0.1348 | 0.1593 | 0.1919 | 0.1719 | 0.2344 | 0.3202
10% | 0.1523 | 0.2105 | 0.3190 | 0.1894 | 0.2631 | 0.4026
5o |_20% |0.14400.2108 | 03008 | 02192 | 03107 | 04714
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30% | 0.0252 | 0.0564 | 0.0992 | 0.0580 | 0.1417 | 0.2572
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