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Hall, 2007), (Gujarati and Porter, 2009), (Farrar and Glauber, 1967), (Belsley et. al., 2004), (Chatterjee and Hadi, 2012),
(Maddala, 1992), (Kovacs et. al., 2005), (Kutner et. al., 2004), (Marquardt, 1970), (Curto and Pinto, 2011), (Greene, 2002),

-(Imdadullah et. al., 2016)
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error
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Employing Robust MM-estimators in Estimating Principal Component Regression Model - A
Comparative Study

Esraa Najeeb Saeed Al-Saraf Bashar A. Al-Talib
College of Computer Science & Mathematics, University of Mosul, Mosul.

Abstract: This paper focuses on proposing the use of robust MM estimators in estimating the parameters of the principal
component regression model, which is usually used in estimating the regression model when the explanatory variables are
not independent. even in the presence of leverage points in the data and gives estimators with good efficiency, this
estimator has been called the MM estimator, referring to the fact that more than one M estimator is used to obtain the final
estimator as the estimation is done using the Iteratively Re-weighted Least Square (IRLS) method.

The classical and the proposed models will be applied to data obtained from the cement factory in Badoush. On this basis, a
comparison between the known classical methods and the proposed method using MM estimators will be made through

two experimental studies using simulation and application of cement factory data.

Keywords: Principal Component Regression, Leverage Points, Robust Methods, MM Estimators, Weighted Least Squares.
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