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Abstract

This Paper reviewing some of estimation methods of Rayleigh distribution
parameters which are: Maximum Likelihood, Moments, Least Square
Method, Ridge Regression Method, Modified Ridge Method, Jackknife
Method, Simulation experiments have been used with different parameter
imposed values and for different sample sizes. Efficiency of the estimators has
been measured by Mean Square Error (MSE) and (IMSE) .
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0 (bl dalea cpaiad MSE Uadl) cilag e Jacgia (1) Jgoa

Model | Sample size ML MOM Jack-Naif RR MRR Best
20 0.004087 | 0.173193 | 0.003179 | 0.011681 | 0.003688 | JN

1 35 0.0022 | 0.228492 | 0.001343 | 0.004212 | 0.001469 | JN
100 0.000756 | 0.291311 | 0.000411 | 0.000806 | 0.000429 | JN

20 0.003825 | 0.173016 | 0.002925 | 0.002765 | 0.003391 | RR

2 35 0.002089 | 0.224664 | 0.001269 | 0.001245 | 0.001389 | RR
100 0.000713 | 0.289477 | 0.000394 | 0.000396 | 0.000409 | JN

20 0.004137 | 0.174077 | 0.002419 | 0.002191 | 0.002778 | RR

3 35 0.002305 | 0.222986 | 0.001341 | 0.001308 | 0.001412 | RR
100 0.000739 | 0.291141 | 0.000376 | 0.000377 0.00039 | JN
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Model | Sample size ML MOM | Jack-Naif RR MRR Best
20 0.000447 | 0.00853 | 0.000556 | 0.002324 | 0.000759 | ML
1 35 0.00025 | 0.01788 | 0.000173 | 0.000665 | 0.000198 | JN
100 9.06E-05 | 0.058966 | 5.16E-05 | 0.00011 | 5.45E-05 | JN
20 0.001388 | 0.053909 | 0.001126 | 0.001074 | 0.001386 | RR
2 35 0.000776 | 0.071817 | 0.000494 | 0.000485 | 0.000551 | RR
100 0.000268 | 0.084193 | 0.000149 | 0.00015 | 0.000156 | JN
20 0.001805 | 0.063946 | 0.00116 | 0.001049 | 0.001424 | RR
3 35 0.001014 | 0.087351 | 0.000596 | 0.000581 | 0.000637 | RR
100 0.000328 | 0.110143 | 0.00017 | 0.000171 | 0.000177 | JN
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