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The Behavior of Power Spectral Density
Function for Gaussian Seasonal Autoregressive
Model From Second Order

— Simulation Study —

Ass. Prof. Muhammad K. Abid

Mansour University College

ABSTRACT

The research aims the behavior of power spectral Density function
for Gaussian Seasonal Autoregressive Model from order (2), by doing an
experimental Simulation study. This is to calculate the Values of power
spectral Density function of different Sample Sizes for different Seasonal
length and of different frequencies.

Among the main conclusion is that PSD Values decrease gradually
when the sample size, season length and frequencies increase.
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