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Abstract

In recent years, the robot is very widely used in practical applications; in particular, trajectory
planning of a planar is studied. The weakness point of previous methods for determining acceptable
trajectories, and its need long time to obtain a solution. In this a new intelligent approach is used to
enhance the output response for the system , since almost research in recent year ; integrate the
intelligent controllers to obtain modified controller , but a new problems are appear , such as
complexity in system, integrated, and the system programming for different inputs needs high
execution time, but in this approach, three controllers ( Neuro-PID-Fuzzy) are used separately in this
system , these controllers common in inputs, outputs and the PID controller is used here a a selector
switch to track the system on line and select the good response in specific time therefore the good
finally response is appear in the command output, this approach is simulated by MATLAB.
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1- General Introduction:

Robots are effectively used in a wide range of applications; they must gain the ability
to work in unpredictable and changing environments. Robots used in space
exploration and construction will have to sense their environment and carryout their
tasks regardless of the presence of objects in the work area. The ability to move an
arm around an obstacle and to a goal is an intuitive skill for human beings [Kellyn,
1994].The ability of a machine to emulate human behavior has always been the goal
of artificial intelligence. More than 90% of industrial controllers are still implemented
based around PID algorithms, particularly at lowest levels. With its three-term
functionality covering treatment to both transient and steady-state responses,
proportional- integral-derivative (PID) control offers the simplest and yet most
efficient solution to many real-world control problems [Ang et al., 2005]. The PID
controller is a one of the earliest industrial controllers. It has many advantages: Its
cost is economic, simple easy to be tuned and robust. This controller has been proven
to be remarkably effective in regulating a wide range of processes[Gaing, 2004].
Neural networks and fuzzy logic systems are two of the most important results of
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research in the area of artificial intelligence. They have been effectively applied to
everything from voice and image recognition to toasters and automobile
transmissions. Neural networks are best known for their learning capabilities. Fuzzy
logic is a method of using human skills and thinking processes in a machine. While
neural networks and fuzzy logic have added a new dimension to many engineering
fields of study, their weaknesses have not been overlooked. In many applications, the
training of a neural network requires millions of iterative calculations. Sometimes the
network can not adequately learn the desired function. Fuzzy logic systems, on the
other hand, acquire their knowledge from an expert who encodes his knowledge in a
series of IF/THEN rules. Fuzzy logic systems are easy to understand because they
mimic human thinking. The problem arises when systems have many inputs and
outputs. Obtaining a rule base for large systems is difficult, if not impossible [Kellyn,
1994, Cirstea et al., 2002].

2: Fuzzy Logic Controller:

Fuzzy logic has its roots in the work of renegade mathematicians who saw the value
of a multivalent logic system. The credit for fuzzy logic's application to the areas of
control and in engineering belongs solely to Lotfi Zadeh. In 1965, he formalized fuzzy
set theory and in 1973 brought fuzzy set theory into the context of control systems.
According to Lotfi Zadeh, fuzzy logic brings to control systems a "higher machine
intelligence quotient™ [Cox E. 1993]. Figure (1) shows the block diagram of a typical
fuzzy logic controller (FLC) and the system plant as described in [Cirstea et al.,
2002].

Knowledge Rule
Base Base
L 1
Input : * * — Output
N Scaling factor »{ Fuzzification Inference N Defuzzification Plant o
normalization > >
Output scaling Sensors P
factor < ~

Figure (1) :Fuzzy logic controller structure

Fuzzy logic is a technique that attempts to systematically and mathematically emulate
human reasoning and decision-making. Fuzzy logic allows engineers to exploit their
empirical knowledge and heuristics represented in the “if/then” rules and transfer it to
a function block. Fuzzy logic thus provides engineers with a clear and intuitive way to
implement control systems, decision-making and diagnostic systems in various
branches of industry [DAVE C.JEFF S.2007]

There are five principal elements to a fuzzy logic controller:

The fuzzy logic controller consist of:

- Fuzzification (fuzzifier): Change crisp value to linguistic variable .

- Knowledge base: Provides all the necessary definitions for the Fuzzification.

- Rule base: It is usually obtained from expert knowledge.
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- Inference engine: Any rule which its firing
- Defuzzification: Change linguistic variable to crisp value.

3- Neural Network

The attitudes of researchers toward neural networks have experienced an evolution
since their inception in the early 1940s. According to Leon Cooper, these attitudes
"progressed from skepticism through romanticism to what we have at present: general
realistic acceptance of neural networks as the preferred -most efficient, most
economic - solution to certain classes of problems”[Kellyn, 1994] [Richard et al.,
1991].Neural networks are composed of simple elements operating in parallel. These
elements are inspired by biological nervous systems. As in nature, the network
function is determined largely by the connections between elements. You can train a
neural network to perform a particular function by adjusting the values of the
connections (weights) between elements. Commonly neural networks are adjusted, or
trained, so that a particular input leads to a specific target output. Such a situation is
shown below. There, the network is adjusted, based on a comparison of the output and
the target, until the network output matches the target. Typically many such
input/target pairs are needed to train a network. [Matlab,2007]

Neural Network

— p»| including connections
(called weights)

Input between neurons Output

Adjust
weights

Figure (2): Basic configuration of ANN

Compare

Neural networks have been trained to perform complex functions in various fields,
including pattern recognition, identification, classification, speech, vision, and control
systems.

4-P1D Controller

The PID algorithm remains the most popular approach for industrial process control
despite continual advances in control theory. This is not only due to the simple
structure, which is conceptually easy to understand and implemented in practice. the
general equations for the PID controller is:

G(s)= K, +K, x%+SKD eq.(1)

1
G(S)=KP(1+ﬁ+TDS) eq.(2)

1
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The control variable is thus a sum of three terms : P-term (proportional error) , I- term
( integral error), and D-term (derivative error) . the controller parameters are the
proportional gain Kp, Ti, and derivative time Td .To obtain the PID parameters the
Ziegler Nichols closed loop method can be used. This method is straightforward.
First, set the controller to P mode only. Next, set the gain of the controller (kc) to a
small value. Make a small setpoint (or load) change and observe the response of the
controlled variable. If kc is low the response should be sluggish. Increase kc by a
factor of two and make another small change in the setpoint or the load. Keep
increasing kc (by a factor of two) until the response becomes oscillatory. Finally,
adjust kc until aresponse is obtained that produces continuous oscillations. This is
known as the ultimate gain (ku). Note the period of the oscillations (Pu)
[Pirabakaran and Becerra, 2001]. The control law settings are then obtained from
the following table (1),

Table (1): Control law for the PID parameters [Pirabakaran K.and Becerra

V.M.2001]
ke Tj Ls)
P ku/2
PI Ku/2.2 Pu/1.2
PID Ku/1.7 Pu/2 Pu/8

5-Modeling of Robot Arm

For robots to become effectively used in a wide range of application, they must
gain the ability to work in unpredictable and changing environments. Robots used in
space exploration and construction will have to sense their environment and carry out
their tasks regardless of the presence of objects in the work area. This paper addresses
the problem of planning the trajectory of A Single-link robotic arm and the objective
is to control on the movement of this link , as shown in figure (3). The PID controller
in previous research is a convenient structure that has been employed for control the
robot arm movement purposes [Ferreira and Machado, 2003].

Figure(3).: A diagram of A Single-link robotic arm [Ferreira F. and Machado T., 2003] .

The equation of motion for the arm is [Cirstea et al., 2002.]
2
zT?=—1Osin¢—2?j—f+u ------ 3)
Where (¢ ) is the angle of the arm, and (u) is the torque supplied by the DC motor.
The output of reference model
d’y,
dt?

. dy
=-9siny, -6—+9r - 4
Ye =64 (4)
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where y; is the output of the reference model, and r is the input reference signal.
Using state space to analysis the system

From equation (3)

0" =-10sin6—-260"+u

x1=46 x2=46'

x1'=60"=x2 x2'=60"=-10sinx1—2x2+u
in state space form

X'l 0 1ifsinxl| |0
= +| u

X'2 -10 -2 x2 1

From equation (2)

’

y, =-9siny, -6y, +9r
1=y, 22 = yr’

21'= y,' =12 72' = yr” =-9sinz1-6x2+9r
in state space form

A P i

Where :
¢ = angleof thearm

y, = output of the referencemodel

X' = stat variables for theangle of arm
Z' =stat variables

u =inputtorque

r = refrenceinput

The arm should operate in two dimensions in an environment containing a
randomly desired placed. The starting position and desired position of the arm are
arbitrary, as well. The arm will be modeled as a single-link planar manipulator. The
controller will determine a series of joint angles, Q(t), that move the end effectors
from a given starting position (xs, ys) to a desired final position (xg, yg)

NEURAL
NETWO- >
-RK w
Input S
p L, = PLANT | Output
,O_, COMPAR- | 3| PID | LIMITERIp| = MODEL >
. | ATOR & ROBOT

- g

e Fuzzy -
controller

Figure (4): Block diagram of the proposed intelligent controller with closed loop model
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6- Simulation Result

Planning the trajectory of a robotic arm has been itself a topic of many
research projects. Planning the trajectory of a redundant robotic arm adds a new
dimension to the problem, more degrees of freedom, more nonlinear equations. Place
an obstacle in the work area and the problem becomes a challenge of optimizing
differential equations, iterative numerical solutions, and "guess and shoot" methods
[Cirstea et al., 2002.].The main problems in previous researches, is that the computer
resources necessary to solve a system of equations or optimize a performance index.
Researchers acknowledge that "minutes™ are necessary to plan one trajectory on some
of the world's fastest computers. Simply determining the equations to be solved is a
formidable task. What is needed is an approach that is easy to apply and will work in
real-time. Also when using the mixed intelligent controllers some problem will
appear such as increase the system complexity ,increase the execution time for the
program , increase the complexity in system structure. Therefore to solve these
problems a novel approach is used here by separated neuro-fuzzy techniques, which
controlled by PID controller ,the PID controller work as a selector switch as shown in
figure(4) , to select the desired response from the intelligent controllers , finally the
good output response will appear with high efficiency . Also in this approach a
solution is not found by analytical or numerical techniques. While an analytical
technique is difficult, moving an arm in the presence of an desired position. Separated
Neuro-fuzzy systems excel in using sample data to determine an input-output
relationship. Separated neuro-fuzzy technology is the fusing of both neural networks
and fuzzy logic. Neural networks bring to this solution the ability to learn while fuzzy
logic is based on mimicking an expert's thinking. Figure (4) show the system model
using the Matlab Simulink
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Figure (5): Matlab Simulink model for robotic arm with separated Neuro- PID-Fuzzy
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Form this model , 3 controllers are used (Neural, Fuzzy, PID) and finally the selector
switch is used to select the good response ,since this switch is controlled by PID
controller , the internal structure and the Scope drawing for the system are shown
bellow :

-Neural controller (model Reference control) and Fuzzy Rule Viewer

<} Model Reference Control E@@ <} Rule Viewer

File i#findow  Help M Fie Edt view Options
Model Reference Control 000075 0.0558 vaive = 0124
Metwark Architecture 1 ‘
Size of Hidden Layer 15| Io. Delayed Reference Inputs 2
Mo. Delayed Controller Outputs 1 = 2

Mo. Delayed Plant Outputs 2

3
Training Data
Maximum Reference Yalue 08 Controller Training Samples | 10000
4
Minimum Reference Yalue 03 e
Maximum Interval Yalue (sec) 2 Reference Model: 3 /\

Minimum Interval Value (sez) | 0.4 ROBOTARMPLANT Al 1 -01 01 | I
Generate Training Data Import Data Export Data |

Training Parameters

Contraller Training Epochs 20 Contraller Training Segments a0
Use Current YWeights [[] Use Cumulgtive Training Input: [-0/0007385 0.05545) Plat points: 101 hove et tight | o] up
Plart Idertification | | cancel | |
‘ Perform plant identification before controller training. ‘ Dpened syste tank, 5 rules Help | Cloze |
Figure (6): Model Reference Control Figure (7): Fuzzy Rule Viewer

The Scope drawing for the system with random reference input, are shown bellow,
since the signal is tracked from the input to output by 15 Scopes :
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Figure (8): Scope No.15 : Final Output /Input Responses
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Figure (21): Velocity Input Figure (22): Velocity output
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Figure (23): Half Step
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7-Conclusion

The intelligent control technique is very useful technology in robot system, since
the ability to learn how to control a process from sample data. In this paper, separated
Neuro-PID-Fuzzy controller is proposed to emulate a human’s example control of
robotic arm, from the experimental result, several conclusions can be concluding.
-The proposed intelligent controller is a powerful controller to control on robotic arm
model, since the good output responses are obtained.

- More robust stability and good performance characteristic is obtained

- Can be integrate genetic algorithms as a future work to obtain more enhancement in
the output response and to develop this method

-The rule table for the different inputs can be extracted from the output response than
modify it to enhance the output, therefore this method not depends on any human
expert to provide initial control rules for the fuzzy controller

- Small execution time and un complex controller can be obtained by this method.
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