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Abstract

This research deals with the prediction of the Iragi Stock Exchange index using
the artificial neural network system, The problem of research was the scarcity of
studies that dealt with the use of the system of neural networks in the Iraqi Stock
Exchange, although there are many within this area at the global and Arab levels, The
study assumes that it is possible to predict the value and direction of the Iraq Stock

€Y



Yor Y il JOSI ol ¢ ouidllg el il i el il ¢ it ikl dine

Exchange index using the artificial neural network system, The study aimed to design
a model of artificial neural networks for the purpose of predicting the value and
direction of the market index and putting this model in the hands of its participants
from investors, analysts and financial intermediaries to assist in the decision making
process, The research concluded that it is possible to build a model of artificial neural
networks in which the market indicator can be accurately predicted.
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