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Abstract

The main goal of the research is determined by the possibility of finding a suitable method
that the investor can use as a means to build his optimal portfolio that achieves the correct exchange
between return and risk and in turn reflects positively on the investor in order to reach his primary
goal, which is to maximize his wealth from his limited resources. To achieve this goal, software
applications were turned. Modern artificial intelligence in building the optimal portfolio, where the
support vector algorithm was chosen, and then the results were improved through one of the
optimization algorithms known as the lion algorithm, and it was applied to the monthly closing
prices of companies in the Iragqi stock market. Accordingly, the research concluded several
conclusions, the most important of which was shown by the experimental results, which is the
ability The clear and distinctive Al-Asad algorithm in improving the outputs of the artificial
intelligence algorithm.
Keywords: optimal portfolio, artificial intelligence, machine learning, support vector
algorithm, lion algorithm.
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