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Abstract

The fixed effects model is a widely utilized approach for analyzing panel data within various
statistical and economic domains. However, when outliers are present in the dataset, estimating
model parameters through the least squares method (ols) becomes challenging, as it yields
inefficient estimates. Consequently, robust methods are employed due to their resistance to the
influence of outliers. This study focuses on two robust methods, namely the trimmed least
squares method (LTS) and the (S) method. A simulation approach is employed to compare these
methods across varying sample sizes (n=25, n=100), considering cross-sectional data (t=8) and
time series data. This results in two sample size scenarios (200, 800), with three different data
contamination rates (10%, 20%, 30%). Using the mean square error (MSE) as the benchmark
for comparison, the research reveals that the (LTS) method outperforms the (S) method across
all sample sizes and contamination levels.

Keyword: Fixed effects model; robust estimation; least squares method;
trimmed least squares method (Its); (s) method.
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