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Abstract

Education is the cornerstone of national prosperity and
sustainable development, playing a pivotal role in economic
growth, social stability, and improving the quality of life.
However, school dropout remains a major challenge, especially
in developing countries facing economic and social hardships.
This leads to dire consequences such as increased poverty and
unemployment. With the advancement of modern technologies,
including artificial intelligence, it is now possible to predict and
proactively address the risks of school dropout. Our research
explores the role of Al in reducing school dropout rates by
analyzing its applications, benefits, and challenges. The study
identifies the main causes of school dropout, including
economic factors (poverty, inability to afford education), social
factors (family disintegration, early marriage), academic factors
(weak curricula, poor performance), and psychological factors
(depression, anxiety, bullying). Al, a technology mimicking
human intelligence, offers solutions through predictive
analytics, personalized learning, and early warning systems. By
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analyzing data such as attendance, grades, and behavior, Al can
identify at-risk students and enable timely interventions.

Al applications in education include adaptive learning
platforms, virtual tutors, gamification, and social network
analysis, all of which aim to improve student engagement and
reduce dropout rates. The benefits of Al in education are vast,
including early identification of at-risk students, personalized
learning experiences, improved resource allocation, and data-
driven decision-making. Countries such as the United States,
India, China, Brazil, and Finland have successfully implemented
Al-powered solutions to combat dropout rates, demonstrating
the potential of Al to transform education systems globally.

Al offers a powerful tool to address school dropout by enabling
early intervention, personalized support, and improved learning
experiences. Its application can lead to better educational
outcomes, higher graduation rates, and long-term societal
benefits, such as poverty reduction and increased workforce
participation. This research highlights the transformative
potential of Al in education and calls for its wider adoption to
ensure equitable and inclusive learning opportunities for all.
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