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The study addresses the issue of varying results in supervised
land cover classification methods due to the diversity of
statistical techniques employed. It aims to compare these
methods to identify the optimal approach for land cover
classification in the Mosul district. The research utilized
satellite imagery from Landsat 8, with its spectral properties
enhanced using ENVI 5.3 software, and applied the
Anderson classification system for satellite imagery due to
its compatibility.

Pre- and post-processing steps were performed on the
imagery, including radiometric and atmospheric corrections
and contrast enhancement. A GPS device was used to
determine the locations of field training samples, leading to
the identification of five land cover classes.

The study compared traditional classification methods with
artificial intelligence techniques, including artificial neural
networks and support vector machines (SVM). Results were
analyzed using ENVI 5.3 and ArcGIS Desktop 10.8
software.
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The findings revealed that the support vector machine
method achieved the highest accuracy in classifying Landsat
8 imagery, outperforming the maximum likelihood method,
which ranked second. Although artificial neural networks, a
form of artificial intelligence, were employed, they ranked
third in performance.
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