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il Ju H.A.Aa c.\k.u.u als MLAS\ JAJUJ\ vy dLaliiial) Cila glaall g ‘\,,l.‘,,\h.\.“ u\JJ\'\
cQJ\JJ@MJJ.\AL@AJAJ@A&OJALQ‘&M‘ oS BS8 & &9 AalEiall Audlal) Lgat Siay
Lginay Bammia Jal pa )3 aaY) Ay gha Al < o B AS ) (3983 O Y ARgia el & gan J8
padlia (g Cpll) Glaad) (B QIR ) Cpfila e ) Allall sl B Cpialal) Ga )
u.hi m‘ Jlall u.ub a.n.u OSS Ladic ddbdﬁ‘ﬂ Sl \.\.u ‘L;AL\ABE\J ‘_,JLA slad (Judl)
Ll LAY il o O g lilal) el 31 ) I lad Qailid cdua il S e
) T ASpal B o) S famg galaly) JEAN B se g | ghAll (il dsae
Sualal) ;2.0 qelad Al 13y 111 A b)) (fgf s ecploual) a J qranal (alid
P Laa dda ja P XY PRt Sy ) A8 pal) 3 ghud c‘édb.a.\ﬁ‘i\ Jadl dlee o)
Al Jalgadl Gl 2L aa pdall LS Alga AS AN dla Y Al o By Al Jadl
ga‘,k: 500 b B Gl AS,80 gl §jenal) Adeal) odgl pUs Ak Y Jguas)
On ) ) el 5T o) el irgg el JAA (s Al B Lyl e Lglinions
O g il Al Jid A s Ales uU Al g e Auland) oda &J.uﬂ&ﬁ gl gl dasd
5sh ) daual gl Lgaladle A (e Lellad 0 (S (Al g Wtlaa (8 Gl A (e (K
u‘ My gl Gl A8 Aoy e culy 8 () gl e Saad) J-\S‘ PEXTR el
dia a3 G Al Gl (e JSEN 13gn A SHI (a ST AS ) i B La 13) £ g canadl
Bl g cle gad Y A ) ccilaglaall Al IS pany s Allal) ) Jalas G g A il
PELEOA u\SJu O MJL%A:\ AT D).\.\SS\
Al e BalELLY) u-°' U‘)"}' ULAS\ il Glaletd Al ) olide a4 (J&LMAS\ &U:ﬁ Uﬁ)
Aad (i Ay Vit La ) cildh AU Agde dlling Alall quadl) slalg CsSi sAd )
Allal) la glrall (il O cuag g L Andi 28 gal) (DT Y 38 (pdlidia (e U (ha (S Had Al
Lelddy guiil) g AS A Chia g A Lgdlantian) aly ST cLguadl Al Adakilal)

i e 08 dial (e @l L Adlaay) cullud) Jladal Jua) e a8 o
B0 Y daild Bailua B3] el B palal) cdgll & plaal) Gl Jlaia) G (gullaal)
ta e Al 73l ae Allal) quedl) plES) g dal) o Jgaad) Llae i Jlaill de gun ga
daadl) uadl) L) dglee oy Alsh B A Gigagll e pard | jgaa S Al ) g guda ga
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RN o W il L a3t isal Gy B Lgl) e i) a3 (Al A i) Aot (S datiisal)
il AY Cliallly ALEE @S a8 il gl AS 8 120 (e A gStall A Al Al ¢
Wl 3 Uidal) ALEWAN CilS Hal) cpa dadld aladiuly iy de Ll &8 By Adlatia s yig
o o) Alany W LA Al (Al g ALGLAY g Blolaal) cilS pd) 03a () oS0 g Bllace Sy aa Lgdaa ) g
Glaia Jaiaa dgedi LAl gl AU oda day )l Adas iy Slikall pUablly 5 Audl anal)
@ Waladia a8 AN candl) (=9 Ay gle Ulaa Al @ puidiallg dslial) gy anally
1A gikadll el
4 agpad /A ghaie laga e =x1 .1

X1. CURRENT ASSETS / CURRENT LIABILITIES

<l g gl (Manl/dl g)aia i) g2 9 =X2.2
X2. CURRENT ASSETS / TOTAL ASSETS

Gl g gall aal/Azilg @il =x3.3
X3. NET RESULT / TOTAL ASSETS

Ale ClBls) / il uall g AN U8 Jaa=x4 4
X4. EARNINGS BEFORE INTEREST AND TAXES /
FINANCIAL CHARGES

88 Al / Laldld) J) gaY) =x5.5
X5. OWN FUNDS / TOTAL DEBT

daid ) sal / clasa =x6.6
X6. SALES / OWN FUNDS

Cilagsa / agul =x7.7
X7. STOCKS / SALES

Glatsa / G it =x3.8
X8. DEBTORS / SALES

il g gall Alaa/ Adladl) a8l 4 gadl=x9 .9
X9. OPERATIVE CASH FLOW / TOTAL ASSETS
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Filany) el il
Dscriminant Analysis (DA) Jxeal) Jaladli -1

A Y, (DA) Jharivuly ¢ Joial) 38 dduiial) A0 c giad) (e Adu JS ¢ AS 3 120 e Ay
STEPWISE - < sbasd 3855 any 4000 ) gal) Ao J guandl)
-1 9h 7 silal) 73 gall) g JAAY J il gl EDIAS
L=-2.0081+2246X #2.529 X,

Ol Aaa) / Aaldd) 1 ga¥) = X5 ¢ Aallall 8Ll /i pal) g 30l Jd Jaa =X4
cALES Lgs) Ao 48 Al (il 0<LL <l Vg ¢ L: Score of Failure J-&dl s 8L
s i La Ll S Gua @l patal) (e dae 4 pina pe Badl g ¢ AL Cuod LI Gusallyg
X4, Cromiiial) Sl da Ak cead) ol ¥ Aad (o (gl 3y 1 Juald) aad) dad o) 5 AN
A al) ) paiiall gl gy M Jgaally, 2.0081 (o) Aglosa Lgiad aadg AL (o i x5
(S F oy Ve slaie YU £ 3 gail) 4 ginag
Variables Entered/Removed(a,b,c)

Step | Entered

Wilks' Lambda

Statistic df1 df2 df3 Exact F
Statistic dfl Df2 Sig.
1 x5 0.754 1 1 118 38.593 1 118 .000
x4 0.581 2 1 118 26.010 2 117 .000

At each step, the variable that minimizes the overall Wilks' Lambda is
entered.
a Maximum number of steps is 18.

b Minimum partial F to enter is 3.84.
¢ Maximum partial F to remove is 2.71.
stepwise bk qua g Aalaal) (b 0 il (e JS 4] Bady &ua

Variables in the Analysis

Step Tolerance |F to Remove |Wilks' Lambda
1 X 1.000 38.593
2 X .982 27.093 .853

A8 i Aaaa ) gy Adiaal) il il Al O ) Gy it (b Uadll) A )
Joall i ga LaS 5 9758 Aallll g 7 shall 73 gaill Ciiiuatl)
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Classification Result®

Predicted Group
Menbership
y 0 1 Total
original Count O 48 12 60
1 17 43 60
% 0 80.0 20.0 100.0
1 28.3 71.7 100.0

a. 75.8% of original grouped cases correctly classified.

iU L g Bl g i Chauait) A cuilS g
L=-1.4676+2.365X,—8.149.X, +3.131.X, +0.356 X,

: G

Cilaga gall Alaa) / Jaal LAla =X3 ¢« Cilaga gall Alaal/Ad glaia cila g g0 =X2

Clagaa / gl =X7 ¢ Ol (an) / Laldd) J) ga¥) =X5

o QI UNA 5, AL L) e A ) didaal >0 cuils 13 Bl A o RS L o dua
Slaie Yl 7 el ] galll A gina g AIA AN il el i gy (ALY Jgaadly Jddl) pae )

- S F e ¥ S

Variables Entered/Removed(a,b,c)

Step Entered Wilks' Lambda
Statistic | dfl df2 df3 Exact F

Statistic | dfl | df2 Sig.
1 X5 0.715 1 1 118 46.938 1 | 118 | .000
2 X3 0.562 2 1 118 45.672 2 | 117 | .000
3 X2 0.528 3 1 118 34.620 3 116 000
4 X7 0.494 4 1 118 29.395 4 115 000

At each step, the variable that minimizes the overall Wilks' Lambda is

entered.
a Maximum number of steps is 18.
b Minimum partial F to enter is 3.84.
¢ Maximum partial F to remove is 2.71.
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-2 AUl J gandl 8 g 3 gailly ALRNA <l piiall e JS Aparf Badly

Variables in the Analysis

Step Tolerance | F to Remove | Wilks' Lambda

1 x5 1.000 46.938

2 x5 .997 38.125 .745
x3 .997 32.055 .715

3 x5 917 20.890 .623
x3 .997 29.365 .661
x2 919 7.467 .562

4 x5 .463 28.411 .617
x3 .979 31.781 .631
x2 .887 9.841 537
x7 .448 7.711 .528

8 gy Adlimal) <l el A B ) ¢ ALY 73 gadll M\Q&%\@&;ﬂ.ﬁo&%
-1 Joall maga Las g %81.7 il 7 sall 73 gadll Ciiiall) 483 (il (Al g Aaiaa

Classification Result8

Predicted Group
Menmbership
y 0 1 Total
Original Count O 48 12 60
1 10 50 60
% 0 80.0 20.0 100.0
1 16.7 83.3 100.0

b. 81.7% of original grouped cases correctly classified.

IS JEAN U Baa) g Adud Cisianl) A cuils
L=-0.5673+9.364 X, +0.551 X,
G5l (Alaa) / Aaldl) J) sa¥) =X5 ¢ @higasall aa) / Jad LBla =X3
ALES o Ll (el g ALEE LgS) o A8 i) Cilal T>() cuils 1) dua ¢ Jddl) Ay o =,

Folos VAo slaieVl o oball 3 salll A gina g ALA1AY ol yiiall s g (Ml J gadl g
— Sy
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Variables Entered/Removed(a,b,c)

Step | Entered Wilks' Lambda
Statistic | dfl df2 df3 Exact F
Statistic | Dfl | df2 | Sig.
1 x5 0.778 1 1 118 33.705 1 118 | .000
2 x3 0.716 2 1 118 23.166 2 117 | .000

At each step, the variable that minimizes the overall Wilks' Lambda is
entered.

a Maximum number of steps is 18.
b Minimum partial F to enter is 3.84.

¢ Maximum partial F to remove is 2.71.
-2 AUl J gandl 8 g 3 gailly ALRNAY <l piiall e JS Aparf Badly

Variables in the Analysis

Step Tolerance |F to Remove |Wilks' Lambda
1 X5 1.000 33.705
2 X5 .998 27.945 .887
X3 .998 10.044 778
Adiaal) @il jall duad ) 3) olial J gandly dauia gall Gl 723 gaill Ciyiatt) 8 Uadd) Ay o))
-1%73.3 <y 7 ihal) 73 galll Ciiatl) A3y cpi Al g dAapaia ) gy
Classification Result8
Predicted Group
Membership
V2 0 1 Total
Original Count 0 49 11 60
1 21 39 60
% 0 81.7 18.3 100.0
1 35.0 65.0 100.0

a. 73.3% of original grouped cases correctly classified.
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Logistic Regression (LR) (e slll jlaady) -2
e o lgale Jguaal) 4l Al cliiaall SAS gabip Jlarialy Jlal) 138 g clily cidda
sdbaiay) Al a g LR Jlaxiads g Jdl) J8 dalliia o) gl G g (A8 1 120
X
P(F): eg( )
1+, g(x)

«ilS 1))y Failure Probability J&dl 4laial & P(F) cua ADGAN 7kl (e 2a) g J<
Zisad O Badlg ¢ ALilh @ Lgild lld Lo g ¢ LA L) o dila 45,40 Cilal P(F)>0.5
Y- d&ﬂ\ d,é & g St

g(X) =-1.3287 +1.4877X , +1.6896X

3

-G
Jdedally Cenall Maa) / Aaldd) J) ga¥) =X5 ¢ Aulla CHlBLE / il puall g BAMAN 8 JA3 =X4
Y Zigall) B AdAal) ) el Cilalaa Ay gina (AL

Variables in the Equation

B S.E. Wald Df Sig. | Exp(B)
X5 1.689 043 1.354 1 024 5.417
X4 1.487 | 2503 | 1.697 1 019 4.426
Constant | -1.328 | 1.090 | 4.359 1 037 9.744

caly il Jaldl) ddgliaa - (e Lgalitin) (1Say g gall) aladialy Ciiiuatl) A8y o)
1Y) 9l daa ga LaS 9 24,60.8
Classification Table(a)

Observed
Predicted Y Percentage
Y Correct
0 1
0 28 32 46.7
1 15 45 75.0
Overall Percentage 60.8

a The cut value is .500

1Al Asnally e ga LaS Allla cuilsh JE&Y S8 piien Galdd) Aaa ll) )iy 73 gal Ll
g(X) = —0.4999 —13.589 X, +3.805 X

Qs Alaa) / daldll J) ga¥) =X5 ¢ @iligagall Maa) / JAA ila =X3
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1AV Zagalll B LAY ¢ el clala Ay gina G AN Jgandl s
Variables in the Equation

B S.E. Wald Df Sig. | Exp(B)
1 X5 3.805 066 4.874 1 .027 44.961
X3 -13.589 | .536 17.922 1 .000 | .123E-5
Constant -.499 3.396 | 17.515 1 .000 .606

LaS s Jalil) 48 giuan 05 %725 coidy il g (AU 73 gadl) aladinly Cidduail) 483 o Las
-20Ua) Jgaall dauda ga

Classification Tablé

Predicted
Y Percentage
Observed 0 1 Correct
Y 0 38 22 63.3
1 11 49 81.7
Overall Percentage 72.5

a. The cut value is .500

-2 Al A3 pall 188 g cuils 388 LAl 38 Baa) g Al 23 gad L
g(x)=-1.2584 +26.1304 X, +1.3535 X

Qs Jlaa) / Aaldldl J) ga¥) =X5 ¢ ciligagall Maal / JAA e =X3

VS zigalll b ALl @l el Cilalea 4y gina Gy A Jgandl

Variables in the Equation

B S.E. Wald df Sig. Exp(B)
X5 1.354 .066 4874 1 .027 3.871
X3 26.130 .536 17.922 1 .000 p.20E+011
Constant -1.285 3.396 17.515 1 .000 277

i) 4d giuan g 975 -l JoB A G 73 goalll aladiuly Cirialll 483 Cuils Las

_:gﬂiﬂs M}A
Classification Tablé
Predicted

Y Percentage

Observed 0 1 Correct
Y 0 46 14 76.7
1 16 44 73.3
Overall Percentage 75.0

a. The cut value is .500
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Classification Trees (CART) —idaill jladl -3
Baal g J<t dlant) oda Ludii 4! Lauda 63 by Lah g ciliual A530 ) <l piiial) Ciial o
L ALGAD AS 1l 609 Bl By gmeay Adale AS i 60 (e A gara JS1 g AT Cpplaal) 038 (1o
& 0= DESCRIPTIVES diaglly FREQUENCIES<I ) <1l Jlaxioulyg
Al 5 5 gually g Loty 355 3 ¢ SPSS13
Moottt JEAY 08 <) gl G w1
x1 (lowest through 0.30=1) (0.31 through 0.66=2) (0.67 through highest=3)
x2 (lowest through 0.63=1) (0.64 through 0.77=2) (0.78 through highest=3)
x3 (lowest through 0.02=1) (0.03 through 0.06=2) (0.07 through highest=3)
x4 (lowest through 0.21=1) (0.22 through 0.61=2) (0.62 through highest=3)
x5 (lowest through 0.24=1) (0.25 through 0.51=2) (0.52 through highest=3)
x6 (lowest through 0.32=1) (0.33 through 0.68=2) (0.69 through highest=3)
x7 (lowest through 0.11=1) (0.12 through 0.22=2) (0.23 through highest=3)
x8 (lowest through 0.21=1) (0.22 through 0.32=2) (0.33 through highest=3)
x9 (lowest through 0.07=1) (0.08 through 0.16=2) (0.17 through highest=3)
EE R R R R R R TR L S S S S A m‘ d_.é C,:‘l"“"************************
x1 (lowest through 0.26=1) (0.27 through 0.62=2) (0.63 through highest=3)
x2 (lowest through 0.61=1) (0.62 through 0.74=2) (0.75 through highest=3)
x3 (lowest through 0.02=1) (0.03 through 0.06=2) (0.07 through highest=3)
x4 (lowest through 0.24=1) (0.25 through 0.49=2) (0.50 through highest=3)
x5 (lowest through 0.20=1) (0.21 through 0.43=2) (0.44 through highest=3)
x6 (lowest through 0.31=1) (0.32 through 0.59=2) (0.60 through highest=3)
x7 (lowest through 0.13=1) (0.14 through 0.24=2) (0.25 through highest=3)
x8 (lowest through 0.24=1) (0.25 through 0.36=2) (0.37 through highest=3)
x9 (lowest through 0.05=1) (0.06 through 0.12=2) (0.13 through highest=3)
R T AL M‘ d:é PRI S S R e o
x1 (lowest through 1.05=1) (1.06 through 1.46=2) (1.47 through highest=3)
x2 (lowest through 0.63=1) (0.64 through 0.77=2) (0.78 through highest=3)
x3 (lowest through -0.01=1) (0.0 through 0.04=2) (0.05 through highest=3)
x4 (lowest through 0.89=1) (0.90 through 1.89=2) (1.90 through highest=3)
x5 (lowest through 0.32=1) (0.33 through 0.85=2) (0.86 through highest=3)
x6 (lowest through 2.89=1) (2.90 through 5.89=2) (5.90 through highest=3)
x7 (lowest through 0.11=1) (0.12 through 0.22=2) (0.23 through highest=3)
x8 (lowest through 0.21=1) (0.22 through 0.32=2) (0.33 through highest=3)
x9 (lowest through -0.05=1) (-0.04 through 0.05=2) (0.06 through highest=3)

<ilS g STATISTICA 6 gl aladid af dilnll Jladl) 48, )k 1A% (o il

EDU (e Baal g JSI o 00 e ganaS 4855 120 (e Al O Wle Jguanl) & Al cldiiaal)
¢ (ALA) ALY Chica Jidi s F 2 o) 3 Al diplal Jlandl 08 5 (b (JAd U <) gl
cAlaadl giii ) 4B, gl Bake A :FINAL NODE ¢ (3llae) AaWY 8 Cila Jiai : H
ALEB e o) LB ga (awadal) Ciiall g 3a8al) oda & Al o3 8 H ) F sl Jia 3

ALEE gl o ASuil Cigieat s 3 T AR A et canads s e
T H+F ‘

| ALl gl e A8, it Alls, 3

- 43l Bk N Jaagll dic g
H+F
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DA LR CART
1 73.3 75 80
2 81.7 72.5 73.3
3 75.8 60.8 593

) () panl Ui g Alaad) Sllatl) il (il (ay

Adlad) o2 o 2y 389 Sl I8 (a3 gea gneal) Ciuaiill 4 gial) canadl) Galad Badly g
Ca g | s g2l g O 81.7 iy I (fiaad) i 3 jaia dad (g2 ) (g ) il
ujuie\&u\muué;uw.«aéiu (gl 3 Cpanda i) Gadlad @I & Gud) ()9S B g
e oll) Ay Gaglidl ygdal () g gt (B A e dalaall (3 k) CiilS g ¢ guanl) M\
@MJUASL'%75&44\“\4}.\35&‘3@&.\“L;AS\CJJA.\S\USU-\&\MJJM‘b‘
Oftien JiaS (Al 7 Maill dpeailly BV 2 DA A8k el Cn A, Ly 85 %73 &b ) DA
Mou!jiM\@MM\aéﬁng\&mMK—UMJ Al J8 e g EDN g
@Aﬁu\)yl_\u_!!ouUMMJJw\aﬁLH\ uhgguaﬁemuijaﬁdhdﬂj&uﬂ\
A1 5l g Adlal) i) b Al a¥) alad) Lgalad) Latdy Lae cilbibl) Aqdyd - agoud
.LstML‘JMﬁY‘
laliiiuy) -8
SJM—(‘%-“-“‘)MQ\M‘L‘QM}“U‘WY‘GSMJJM\d—..‘m‘CJ‘ si-1
ALY A uSay 50 g x5,x3 smtiall Ao JoE8N Jod oY) ALl claildl Eua dale
Saldl 3 Uyl 4y jliia Cpsaleal) (pand gaill geiliisl) cuils 288 Al g it Ll ol pial)
GAJ-‘SMMC}‘Q:"“LRJ‘MM‘;‘:‘EJX%XSCHJ:‘:‘M‘&GOﬁl}‘ﬂ‘
B Y g sal Cua B %81 Adviual A8 il & e day ) o s gl M DA
u\3x5x4u\J.ﬁdiu\3quulA33Aﬂ\53&\3#&\&343)55\0.\3&3 Jadd oy piia
e\M\U\A@Js@Mu G-I e Waiaat Adiiaall cfa pdall 4 gall ol
Sl Juad) ciliieaal) (585 e oll) 73 gall
SLth 3 i) Gas LS Ly B JuG8N fo s oS Lalsh il jladl Aaadle Jged) (10 -2
LalS () gotiial) pand 8 g juda cull Ly B JAEAY Fo JU S LalS 40) o agdy o)) (Say g g
Lasdie Jddl Jalg aadl) cile gaxa 2 uh).id‘)mdpu&uﬂdjmj\&JM
S Laga) O g AS i) 1 jaa’ aaail Lpwaads 3) pal) ¢l A1) ) dalad) S8 Ly B 0 6S
%MJUHWJ‘QMDMCJM‘%Q‘J‘&AMJUAH‘J—\MHM‘MIA@M‘
e el Las dgloa cilples a2 63 Y 3) A8kl oa Lde a9l Al dadi) 5 e
Adlal) a0 gil) o) Akl Gabead Ao Aland) a g3 1) il jhall Adedl) ailadd) o 5
Mgl e g (< idiall) el gAd) o
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o 53 -9
Aale B guay ClS Hal) Jaddy il 8 Al i) qglad aladiad -]
culla) aladin) opSay LaS i Ao gilal) Cul 8l (8 dalaall cuadla) aladin) -2
(R il dpeaal) A g 49 ) Sl (5 AY)
LaS g Aale SJ&-“:‘XS,X3J-“ Gls pddh gl ﬁjﬁé—'\; Lq_)el-dh\ﬂ Méﬁ\ G pardall 3
. Claliilully g sa
(SUA) Clelad g Jghal Cl giaad g 480 ad) cils ) o gz iladl) gk -4
_;;\* ad) alaall
slaay) b Jilua g i o gl cladle Aludu 1978 dind L glusa -1
- sdonalad) g U1 g (il
o Bl Joal gadl Al Al 3 Joraal) ANA) alakiadl ((1986) dsrisa ana (s -2
cAaaiBy) g 5 0aY) ALlS Ay Adidlae B cilalrall g Cpalzal) e B alad) g ghall
) L sy daals
B A%l Jal gl panadd 8 amaiall jpaal) Juladl) aladind (1995) ssie sl cuginy -3
(o LaBY) g 5 IaY) A Ludaa ) datie Allay QBN i jal (5 peal) gl b
Ao pativeal) daalal)
—rdia¥) jalaaall
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