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Abstract
Medical images play an important role in clinical diagnosis, physician treatment, teaching,
research, and others. Alzheimer's disease is the most common type of dementia, usually
beginning in middle or old age, by accumulating protein in and around nerve cells and causing a
steady decline in memory. Patients in the first stage of Alzheimer's disease (AD) are categorized
as having Mild Cognitive Impairment (MCI). MCI is considered to be a prodromal stage of
Alzheimer's disease. Identification of MCI subjects at high risk of developing AD is important. It
is necessary for effective treatments, as there are MCI patients who convert to AD and there are
those who remain stable (Mild Cognitive Impairment Non-Converted MCI-nc). Not all MCI
converts to AD. A deep learning algorithm (CNN) was used to classify images of MCI patients
as Mild cognitive impairment converted (MCI-c) or stable MCI patients (MCI-nc), because MCI
is considered an intrusive window to stop the pathological progression of the disease to take
preventive measures as much as possible even before irreversible brain damage occurs. The goal
of this research is to create an efficient and improved model that helps clinicians enhance the
accuracy and speed of detection of Alzheimer's disease (AD) because it is important to initiate
effective treatment in order to slow or prevent disease progression and thus patients can maintain
their independence for a longer period. The method of preprocessing images of MCI patients,
which was discussed by the researcher, and the preparation and configuration of the
Convolutional Neural Network (CNN) in deep learning algorithm, lead to model that achieved an
accuracy of 96.67%.
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