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Abstract:
In this paper, we will illustrate a gamma regression model assuming that the dependent
variable (Y) is a gamma distribution and that its mean (y;) is related through a linear
predictor and with link function which is identity link function g(pn) = p .It also contains the
shape parameter (a;) which is not constant and also depends on the linear predictor and with
link function which is the log link : h(a;) =log log («;) , and we will estimated the
parameters of gamma regression by using two estimation methods which are The method of
Method Maximum Likelihood and the method of shrinkage and make a comparison between
these methods by using the average of the integral error squares (IMSE), and by using the
simulation method using (R) program and with two experiments as each experiment has
default values and with different sample sizes (50,70,100), the simulation results showed that
there is a decrease in the values of (IMSE) and with an increase in the sample size, and the
best estimation method was the Shrinkage Method because it gave less (IMSE).
Key word : Gamma Regression, Maximum Likelihood Method, Shrinkage Method, Average
squares of integrative error(IMSE).
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