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Abstract:

Some phenomena suffer from the presence of chaos and instability in their data as a result of
the great development in information technology, which in turn led to the presence of large
amounts of data in the databases; As a result, there are many patterns inherent in that data,
and the process of identifying these patterns and extracting useful information and the
knowledge inherent in these data are considered major and important problems, given their
importance in the prediction process.

So the need arose to know and identify those patterns, and to use these patterns in the
prediction process.

On this basis, recourse was made to the use of some modern and flexible technologies in that
field, namely The Artificial Neural Networks, specifically The Error Back Propagation
Neural Network, which uses The Error Back Propagation Algorithm to update (train) the
weights of The Artificial Neural Network.

Through the results produced by the applied side, and after a set of models of Artificial
Neural Networks were built with different displacements in variables and different nodes in
The Hidden Layer, it was concluded that the best model for the purpose of prediction is the
model NN(1,2,12,13;8), as that model had the lowest values for statistical measures (AIC),
(BIC), and (SBC), in addition, the time taken by that model in the training process is less than
the rest of the models, as it reached the number. of times that model was trained is (80)
repetitions. also, the preference and optimization of this model were reached for the purpose
of prediction after its evaluation based on some statistical measures such as Coefficient of
Determination (R?), Epochs, and Best Training Performance.

Keywords: Artificial Neural Networks, Evror Back Propagation Neural Network, Error Back
Propagation Algorithm, Prediction, Iraqi Stock Market Exchange, Baghdad Bank.
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