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Predicting the monthly maximum temperature rates in Baghdad using
hybrid and non-hybrid models
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Abstract

Prediction is one of the topics that has gained great importance in many
demographics, economic, aerodynamic and other studies, since through the
forecasting process decision makers can draw future policies for the
phenomenon studied. Therefore, this study examines the study of the models of
the single seasonal time series of the ARFIMA (p, d, @) (P, D, @) s when the
time series contains the linear composition and the model of the ELMAM when
the chain contains the vehicle Nonlinearity and The hybrid model resulting from
the merging of these two models as the time series contains the linear and
nonlinear vehicles to represent the monthly averages of the maximum
temperatures for the city of Baghdad for the period (2013 - 1937) ,
And for the purpose of comparing these models, a set of statistical measures
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(R%, MSE, RMSE, MAPE, MAE, SEP, MAD) were extracted. The ELMAN
model exceeded the other two models for having the minimum values of these
measures . Therefore, it was used in the forecasting of the monthly average
temperatures for the city of Baghdad for the years 2018-2017.
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i Type  Coef SE Coef T P

MA 1 0.9375 0.0004 2549.93 0.000

SMA 12 0.9722 0.0107 90.99 0.000
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Lo g Lo pe aliall 350 et cta o Al Ao JBa 23l (o Ao gara G 5T O3 1(2) S
elad Wi ﬁl‘a.lf

(p,d,)*(P,D,Q)
(0,-0.1359,0) x(1,-0.2696,1)
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