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Using Lasso Penalty to Determine

the Most Important Factors Affecting Ziyarte Al-Arba'een Services

Prof. Dr. Jassim Nasser Hussain

Technical College of Management- Middle Technical University

Namariq Qasim Hussein
Mariam Sadiq Kazem

Collage of Administration and Economics- University of Karbala

Ziyarte Al-Arba'een was considered as the most important and largest human
collection, because the number of visitors were coming to Holy Kerbala from inside
and outside of Iraq was more than the number of holy Kerbala citizens ten times.
Consequently, providing high -level services commensurate with the importance of
this Ziyarte and this huge human gathering constitutes a great challenge for those
who responsible for organizing this event. There are many factors affecting these
services, thus the goal of this paper was to determine the most important factors
affecting these services. To achieve this goal LASSO penalty was used to study and
analysis set of factors were believed that the more affecting for these services. The
results of study and analysis of ten factors show that the first and the most important
factor is the number of Almowkeb alhussainiah where has the largest level of penalty,
then the second factor was the number of the people working in the hosting the
visitors, and so on the other factors as we will see in the result of this research.

: Lasso penalty - Bayesian theory - Ziyarte Al-Arba'een - the services
of Ziyarte Al-Arba'een - the penalty parameter
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