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Abstract

The two parameters Generalized Exponential distribution is
a particular member of the three-parameter Exponential Weibull
distribution. The GE(a, A) has a right skewed uni model density

function and monotone Hazard function similar to the density
functions and Hazard function of Gamma and Weibull distribution.
It is observed that the GE (a, 1) can be used quite effectively to
analyze life time data in place of Gamma, Weibull and Log-
Normal distribution. Here we present three methods for
estimatinga, 4 these are maximum likelihood, and moment and
least squares estimators. The comparison between them is done
by simulation all the results are explained in tables.

Keywords: Generalized Exponential Distribution, MLE, MME, LSE
Density Function, Hazard Function MSE.
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