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Abstract

The fast development of machine translation (MT) based on Artificial Intelligence
(AI) as a system of neural machine translation (NMT) has transformed the realm of
cross-linguistic communication. Such systems usually work within the range of literal
(form-based) translation strategies and free (meaning-based) ones. The paper will
critically discuss the inherent drawbacks of the literal and free translation methods as
applied by Al. Based on a literature review, it contends that even literal Al translation
is prone to generating grammatically aberrant, culturally insensitive, and semantically
erroneous output, whereas free Al translation is prone to bring out uninformed
distortion, loss of critical nuance, and bias. The paper concludes that the main problem
is not the decision between the two extremes, but the fact that the Al is not yet capable
of providing the complex contextual, cultural and pragmatic judgment in order to
perform faithful and functional translations. The consequences to the users,
developers and translation profession are addressed.
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Introduction )

The application of Artificial Intelligence (Al) to machine translation (MT) has resulted
in the highest level of availability in cross-linguistic communication. Neural machine
translation (NMT) systems (whereby sentences are processed as a whole and trained
on large corpora of parallel text), have been shown to achieve high levels of fluency
compared to the previous rule-based or statistical models (Popel et al., 2020).
Nevertheless, these achievements leave Al translation systems with a basic dilemma
in translation theory the disagreement between literal (or formal equivalence) and free
(or dynamic/functional equivalence) translation (Nida, 1964). Within its training data
and architecture, Al does not make any conscious choice of strategy, but is statistically
motivated to output within this space. It is the thesis of this paper that both
inclinations, that is towards literalism and towards excessive liberalism, have their
own unique and substantial downsides that undermine the quality of translation, the
adherence to culture, and the communication effectiveness. The Cons of Literal
Translation in Artificial Intelligence. The literal translation in Al happens when the
system focuses on the superficial lexical and syntactic similarities between the target
and the source languages. This is usually due to excessive dependence on direct

pattern matching of its training cases or insufficient contextual awareness.
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Grammatical and Syntactic Incoherence: Languages are syntactically different.
A literal translation of a subject-object-verb (SOV) language such as the Japanese
into a subject-verb-object (SVO) language such as English may result in nonsensical
word order. Although NMT is performing better in this aspect, Al cannot restructure
sentences completely to generate output that is easy to read (Almahasees, 2021).
Semantic and Collocational Errors: Words tend to be polysemous (have more than one
meaning). An Al would literally interpret the phrase river bank to mean financial
institution since the particular collocation is more common in its training data. On the
same note, it can be poor at interpreting idioms (e.g., a literal translation of it rains
cats and dogs), which will lead to confusion or ridiculousness (Bender, 2020).
Linguistic: Cultural Insensitivity and Inaccuracy: Literal translation does not take
account of the culture. Putting words on individual cultural ideas (e.g., in Danish:
hygge) in word-to-phrase translation becomes deprived of its meaning. Worse still,
the direct translation of an honorific, gendered language, or a culturally-specific item
may result in distortion or insult. A Japanese refusal that was translated by an Al as
polite it includes the words tiyotuto... / chotto... which translates to a little... this

entirely lacks the practical purpose of civil disavowal.

The Negatives of Free Translation in Al

With a free translation, where the Al does not focus on the correspondence between
the original meaning and the target language and focuses more on its overall meaning
and naturalness in the target language, one opens a new collection of problems, most
of which are issues of over-generalization and unclear algorithmic decision-making.
Uncontrollable Distortion and Omission: In the quest to become fluent Al can
simplify, leave subtleties out, or include explanatory information that does not exist
in the original work. It is especially risky with legal, medical, or technical translation
where accuracy is of the utmost importance. There could be a slight qualifier, a two-
negatives or a particular technical word that the Al could smooth over, changing the
intended meaning of the text and with potentially severe consequences (Forcada,
2017). Loss of Stylistic and Authorial Voice: Literary texts, marketing text, and

academic writing have certain stylistic decisions to make. An Al that translates freely
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could standardize the individual authorial voice to generic, fluent prose that eliminates
rhetorical devices, metaphoric language, or purposeful ambiguity that are the focus of
the text (Kenny, 2022). Examples Amplification of Bias and Ethical Risk: Al models
are trained by human-created data which includes biases of society. Under the free
translation style, the Al can actively make the text normalized based on these biases.
As an example, a doctor in gramaciously gendered languages may be automatically
gendered as he, a nurse may be gendered as she, and will replace culturally charged
words in a manner that will propagate stereotypes (Prates et al., 2020). This
implantation of prejudice is not usually noticeable to the final user, who gets a fluent

yet ideologically biased text.

The Core Problem: Lack of Discernment

It is not that Al uses literal or free strategies, but the fact that it does not have the meta-
linguistic and socio-cultural insight of the human translator to decide when to use
either of them. Human translators are conscious and context-specific decisions making
them use literalness when writing a patent specification, cultural adaptation when
writing a marketing slogan, and a combination of both in a novel. Al is probabilistic,
in the sense that it does not actually comprehend context, intention, or the
communicative intent of a text (Bender and Koller, 2020). Its moves are not
intentional but rather correlations and therefore its movements between being too

literal and being too free translation are uncertain and outside context.

Conclusion and Implications

The drawbacks of literal and free translation in Al systems are used to underline the
fact that fluency cannot be considered as fidelity or accuracy. This is the most
important lesson that the user must be aware of the fact that Al translated output,
whether it sounds strangely literal or alarmingly well-crafted, may contain semantic
errors, cultural distortions, or implicit biases. In the case of developers, the difficulty
lies in going beyond the quest to enhance fluency and create systems that are more
context-aware and controllable to enable users to write translation briefs (e.g.,

"prioritize terminological consistency" vs. "adapt to a general audience). In the case
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of the translation profession, such analysis confirms the inability of the human expert
to be replaced. The best Al application would be in a human-in-the-loop approach, in
which Al takes on first draft translation or high-volume, low risk content, and human
translators use their judgment to revise, repairing the vices of both literalness and
excessive freedom. Finally, it is important to comprehend the nature of Al inherent
flaws in the literal-free spectrum to properly and ethically use it in our increasingly
global world.
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