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Chatterjee (2009) aldl z ) 4lle Gla8a) daad o)) (o) clmliial) cpa S 5 5a dalla s B
bl aUs e ke Sy aliln g b e Adlal a8 Al
ORI 95 oy b giall (g5 e AT £ 88 (02 =0.01) e 0y (M = Median) b siay
(Al daladin (e Mg ¢ (ZOR +) (zero order regression) = <ias gl g A gall Jau gial)
Adlilas (V) af Jre 08 3k A 4lima Ol Al g (V) Alaiud) jidal 33kl oLl
sagida (Y;) S0 Al el of Mty T+ N(0,07) b i ¢re balga Ayl e Aajh
(171 2 ayy 2t @y A S
N 2
=Y+ N(,o°)
...... (26)
(171 Nittner (2003) i) ¢ Jlasi¥) zigall B sll bl (o) O s

NonParametric Bootstrap Imputation  (geteiied Y| dusletuid| yigaa 2-4

SS9 58 Gigay il (yual) I3 Mag Efron (1979) sk of ba J¥ A&kl oda cuath )
Tl gl L Loy 5 ghall LY 416 Apllaa Jgn (a 3eailly g 3gall il Jsa Iaiad
L1253 ) At it o st 26yl s3g)
(Y) oy Alatad) el 5a ghiall adl) JS Jlaind.a
oS g Aie JSl hau sl Gl g Akl (Bootstrap Samples) sageaadl ciliadl ¢ B qaw b
LV, i=12,....,B)

SIS Gl 5 AL 2gail) Jas g ilsa
_ B, 1 & 2
o= ¥)/B Si=2D> (%) 27)
i=1 4=l

(62 =82) oy (M =V,) bugia anbll gigl e Lilgde cliby) b g m Ag d
. b g8dall claaliiall (e m Jlatiul
k- Nearest Neighbor Method  yglaw iyl 4 oo 3-4

) g Lgkes La RN O W) (abad JSy (oall) i) o aaiad Apaleal i A8y 5k A
A @l pglaa (B Llaia) @l pidal Ggse Jamal diad ), (X) O dsll) <l il A 4d) sa Al
A Al Gl e g Al A)al) Ao gy a3 X Jsa
Cra il iy glaall 028 () ua ¢ Adlida i jglaal) o)) L8R (K — NN stawe @) <l jaka La
ks Bamia B d Wnbes Ay ¢ X pglae cdl K cmle 585 g X pste B
add jaBall 18 (i) g ¢ )y glavall (s Adlcall lua (31l (pa W i g (s 93 slgn Adlia g AatBY) AdLical
Hart & Cover J#& (e 4805Sh 4l paii Jas 89 Mack (1981) s Stone (1977) ¢l o=
. (1967)
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1913 4 e Gy o) g s il B 1

My (X) = n_leki oy (28)
i=1
Ay dipal) @ e o 9<s WK (X) o) s
k[xa—ng_
W =0 (29)
2 k[ H, (x)j‘g‘

H,(X) S Wls « k(u) = for all |u|>1 @iads il g Sae Lt 2 Jis K(.) 3
A Gua o X ad g e Jglae @8 K9 X om (Euclidian Distance) 4ty ddlall e
11641 Cheng cuat 0 ¢ A el 2531 Atgual) 58 Saihall Y, o

v =5y 0= S 0

el el pda -5
S duaetmid| (S 51yl (st pd| dgd 3 idiaid | At 2 1-5

Bootstrap -Itrative Local Polynomial Wavelet :
Hee — Seok -0h & ¢l 4%k ciligis A, M. Taher & M. T. Ismail ¢lald) a8

CJSE\ 9 ¢ O adga dgia dmia jlaad) C:\JA-I ?“"‘““ S [18] Thomas c. M. Lee
) a3, ) M.QJ Aol 588N (g ¢ Lagld (ha dadial) alaadll jlaady) a3, )k e\éa.u.u\ Saldl)
Zsalll b fa dad gia ad (e gl La aa Bagiiall Bl Jladiad (B ) Sall 3gaad) aaia L alatie
:[2 1,18] Y 3 A 33, jall oA < ghd (Al g ) gde Uad gy BBlan

(2-4) (b dadgall alead) aygail) 45y (pradiiions 53 ghkal) clibll gl paisy Yl faw -1
. [2,1,19]

Adia jlasd) aladiuly f 48 gial Al aad ¢ AL Y, Aty pdte clilby Caal o) g =2
zlsalll (e Aadgiall Al Al aa 53 gilall Al AG LA ol Akl Jadid ai Gag ¢ adgall 3gaal)
J953al)

f (O p;h) =el (X, W, X, )T (XE W, X)L, (32)

392 )l a¥1g s alas @ o gliatl nkioee
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Plug-) 4k aladiuly agail) dalea Jiai N Lady ¢ oo gall 3gaal) daaia ghgal da s I el p Ua

A bl (b el sall g (IN
1/5
e =G0 ZLD (39
QN
Q, = Lm”)(x)m(s)(x) f (x)dx o

450 dtidall i mOm® Laly ¢ ddeaival) Qll) A o aaind dlaa 4540 dad JiaS C (K) O 3

. Aodlatia) ABUS Ay JiaS f(X) cms B laady) A

e OIS Ay b dbghan A W, L

W, = K, (x; —x) =1K|(x; =x)/hlf (34)

LAl ANl A K g ¢ Jlieal g3 A8 Ll ¢ ] s gbem A JB) Jg) (P+1)x1 Aad (e Anda A ei
Zisalll Uadl) cilag po hacgie g Ul Y Jaal s A&l Bghdl) j 85 j=12,........ 1-3

il adl) e Bole A Y AtuY! pda ¢ Algdl) 53 ghial) cililudl 5 ju8al) addll o8 1 a9 -4

A b gia Lada by g £ s 1) ) pdad) Undl) aa Lgd Bl )83 AT (14 Wgale Juanl)

Jlaad CJMJ‘ﬂﬁ]wM‘ Cilay o Jas gia LR Ay 3 guallall g « mSG(J) o b Ol g

(7 gall 3 gand) aania
T. M. Lee & liall 48, o galal o3le) 48y jlall (3hg 52 gllal) Ailainl) yidiia ad palli a3 o)) g
Aain gall g LA 85 3) al) ddjall (gl pasil) Man (au gall 3 gaad) daxia g gall laadd) J s Hee-seokoh
. (6-2)

[14,13,3] : . PURTET

K-Nearset Nighbor Polynomial Wavelet da il | 4 odadl 2-5

ariiul 3 Lee, M. C. T., Meng, L. X. 1107 sial SﬂwSM&#‘ oda 3 S8
¢ dadall uajd\Jhuyd\da\Jhe\MUMJamﬂ"A‘g\ 5 ohadg Auulis oy g (3l k olialdl)
pladlicg) af Ciayl) \&QAM\ Y ¢ dali Caval u\daqub\*ﬂ&&g*ﬂ\jmm%)hdﬁhywj
Aoy Y Alaiuy) il 3agiiall clibl) Ghay gl g 8 ghdS (K-NN) (ralaadll (i gail) 48y
B 430 3 ¢ (NNPW) 48 phay 483 phall oda dpand ol 3) ¢ dalil) clibnd) o duag gal) cul padil) gaudas
le Jgaadl oy My OF 3 ¢ (30) Daleadl & dauin gal) dipual) aladiiody 52 ghial) al) Apllas
agand) adie A3 Mgl gedli Allg paSill e AU B ghdl) gual ) My (28) Adlaall e

¢ (5 sl cilag pall A3y aladioaly AN A Al ) zdsall) 130 allaa il 35k oo iy TP(X)

&
=b, +bx +b,x* (35)

g, = fp(x) o3
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Ay Bl (31 sk 08 (Bl 295 1 g
e =V, — fp(x .. (36)

Al Ao ad aladiulyy Algdl o (3-2) B sl @l augall sy a1
Sl Al gl pasil) e J guaall

fNNpw(x) = fWNN (x) + fp(x) ... (37)

Bkl -6
dal s (Simulation) Slslaall qusbal aladiud 3k o8 aly g B qulal) 8 sla L bl
cApagas JS) @ilil I Jgea gl Ay Aandl a8 gl 8 Ugal i 0 (S Al G (e a8 S) BlSla
gl A il W b gy coglud) 138 () Lgat) culsad Baad (S BLSLaal) o gbeal aladiiaal ) ¢ galll o))
oo Ly g AuSIal) g Ll G lailS dmd) ) o jlail) At (3l 4y jdal) g Agalal) LIS apany AAISY

i Aol ddlS g S cdg ) gliad Al q el
| | i 1-6

<l Xi s j=1,..... no¢ X = i/n ¢ Eua D Aalaal) ga ) jlaady) GSJAN
f(X) « O oy shea b giay (ad @555 £ S5 € 09 [0,1] 858N (randa & glactia cilblana
S bl ad il adle g « y %bﬂu‘ﬂ*\ﬂaeﬂsgﬁu\ﬁﬁ éﬁjdﬁéuﬁﬁ J\#gﬂ\ Jlaady Ao
il O Eua ¢ (3-4) (B Aadagall JLAAY) I3 aa (1) aleadl laady) zigal) @85 (X, Y:)
. € Uadl) aa a) Bliaa (3-4) A dauda gall LSRN J) 53 A (ha 04 65 oy dainal)
$ Y Jal gadl ¢pe Adlidie il glasa aladiad (g sa BLSLaal) o Lo Liditl

¢ 21=128 « 2°=64 @y cliall agaa i pladiul of dua ¢ n @bl agaa -1

coasa s e J glda N =20 g o) cas Ua Ll aaa o8 2° =256

. SNR= 5,10 (i s s (3 OL) aladia) a3 Eua (SNR) (i g} () 5 LAY quad -2

. 0L} B Ao g Adkda HLA) J) g8 A aladiad a Gua o F(X) LS Jige -3

. (15% , 25% ) (29 OIBD acad aladiad a3 dua ¢ OIAEAN G -4

L0 =2 ) S Ay Al e dgaal) amiada 2 -5
[14] Test Function skl Jlga 2-6

L oS Blslaall cujlad (8 Lgaladind dauiia g dpadgaiy dpuld JLIA) )92 LS JIgall odr jualiy
tanl) adi gl O 3 galall ity kwgé&mu@& Al a) glal) O As gana gl Claaa
sy 1O 150 o s i 0,1] 558 1o & 55 1530 38

Doppler 4la -1

....... (38)
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Heavisine 42 -2
f,(x) = 4sin 4zx —sgn(x —0.3) —sgn(0.72 — x) (39)

.......

Blocks 412 -3
f,()=> hk(x—x;), k(x)=L+sgn(x)}/2 ... (40)

(x;) =(0.1,0.13,0.15,0.23,0.25,0.40,0.44,0.65,0.76,0.78,0.81)

(h;) = (4,-5,—-4,5,-4.2,2.1,4.3,-3.1,2.1,—4.2)

Doppler Heavi Blocks

JEAY) Jlga s (4) Jsé

BiSkall wiykali 3-6

alaadll jlaady) Cdgmgaz\.am‘ JLEAN) 99 G BlSlaall o jladl (;AU ciia g aliw Lid
Oa 28 @i N4 e gigadd) paill Blslaal) qolad cysal dua o (X, Y;) clibsd) el (1)
Gl sl il g a8 3) ¢ Adlidla B LA qud g Cilise 2 gaad g Llaiul) e 8 53 g8dal) adll) Apllaa (3l sk
Al gdall paiall 1ae Jal gad) asan iy (500) dail) 1SS a3 3ok Cuu A g il & daddiieal)
AT JS 1SS A ol g alay (g1 g
Clalia (ary GlaEE MAR Al gdall ¢la8dl) 40 aladia) ol ¢ cliall 3l g Lgd 5 a0 e JS b
(25) Aaaal) B Ao gal) dipal) 3hg o Al pdic Llaiul) péia
38 (1) o) Laa i gal) (B Aadagall g 48y plall 03 Jus adle o) ; (BILPW) &8sk (gl ; Y9
s A0y @l ghadll ghy o
OadY Lles gl @) 5 (1-4) (2 Aadagall adinall jatially Andgll patiel) e NS A6 By 4
(BILP) 48k aladinly 33588l Y, add dallaa oy (25) Adalaal) (389 Adlaiu) e o Al gal)
LBagiiall Y. ad o Jamal) il (1-3) (B Aaiagall

. Bagiiall all ilgdl) il aad dlld aay 5 (32) Adal) 3sk oo FIP(X) e sy oty 2
Cflp=1° e, fo FO gl i a3 3
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Ci=12, O i @l pall (e j AR el ghad) 5 &5 g

Cf0 e dsanti € =Y — fID aign o ausal il gt o

el sk Gy TP o Jgaall Vi — F) L81sll Lacagall sgant) ammie AUy ppas and
 Aaadiciall dial) ad £ i dday (o il ks

(2 gall 3 gaal) aamia o gall JaaiY) aladindy dagiral) S laad) ANAY lgdl) i) aad ] a0 o
s ad 0 5 ) A ab ase a8 L Uy st AT e Frow = Ty + 1 dasan g
Al dua ¢ (100) LSy d=2 Adnia Ay 43 aladicd A Ad) SAL paadl ¢ deddicial) Agial) ad £ gi 22y
Al 25 43, Jal) o da ga dariieal) Lgatl) dalea Lal g ¢ (Epenchenkov) a1 «* (Kernal) ad)a las)
. (33) Udlaall A dada gall (Plug-in dircet) 48k )il

G988 (2) plu AUl oAl (B daua gall g 48y phal) o Jee padla o)) 1 (NNPW) 48k gkl Ll
s Aoy @ ghadld) ghy o

daz gal) dapall (gaadati oy Ena ¢ (KNN) A8k aladialy aleadl) jlaai¥) (g gaf 48y jh gudii -]
. B3 giial) Laiuy) paada pd o J gaall (30) Uaeal) B

. 5 sl Gl el aladiiady AN Aa Al e 3 gaad) aamia g gall P(X) Lo aas 2

. (36) Ualaall B daida gal) dial) 3ok ¢ Blgad) and 3

sl e J gand) Al AoV @#‘@éhu&u‘#&&‘#‘éﬁ 94l DY) Gl -4
A alalia) a3 ¢ (2-3) b dadagall (NNPW) bk aladiul sie 4 i ) ¢
d=2 g8 amiall da ;8 Ll ¢ G 5 slga Aélusa s (Epenchenkov)
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Input \y,n =i I01' -l ETSEEN

BILPW 4, i
y, = abs if o =1
JLmls if o
BILP b st sasidl Y pmpes 0
!
Jewm T fo&}‘)ﬂﬁs.& @
ﬂp: fo \4 A

! fiow || fisure(x) || fiuni(x)
|
A e ghdl) |
¢
S e ) »
fv\f Sle Jpaall B gl
e =y~ f Jlpev f llpsure f ipuni
|
I | |
W =|W€

@ flow = fLJp + fy

{V v l

< cVv SURE uni > APrint
\'7 fwlp (x)

Thriv= 6% 1% v

d)

\4
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(2) Al sa

NNPW 35, ,hl
InputW s =010
y, = ab% if o5, =1

4y b o)kl 3 gidal yi o g
Nearest Neiahbor

] O,

e 2saal) 2awia 2 sall fp(x) Fad aai .

Al da L) X
fo(x) = b, +b,x; +b,x? -
* | l
€ ;

Sl s

- fFI)(X) fCVW(X) fsure(x) funi(x)
-
S sl ) i | |
f,, ol Jsasll S35
€ =Yi— 1’:\w

fup (x) = fw(x) + fp(x)
l

Print

— fwp (x)
|

s Thrw =54

®

|| * <
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Colbind | Judali 4-6
f (X) JLaay) Qs -1

¢ N=64 e axa Mo Agal) o CDEAL BILPW i (558 Bl SNR=5 (9 4l aic
SNR=10 e W) ¢ 256 n=128, 4ic azay SURE 4de dad sie NNPW _pa&i (3eih Laiy
. ildal) 0 saa AL g SURE 4 dagd ais gl g JSd NNPW il (3 i Baadui
Gl il s o SURE die 4ed sic NNPW _palls (55 Badld 0425 (lasd Ll dic Lol
- gl qud g ddal) ana iDL
f,(X) Jaay) s -2

B0 Badls Adinl) ab g dial) aaa DAy g SNR=5 Ul 94 dpmals %15, 2506 OMS i 2ic
i 3of BadE (B4, 128) clie asaay SNR=10 (husds i sic Laln ¢« BILPW sl
. NNPW _paii (3585 BaMid SURE 4 dady 256 4is axa aic iy « BILPW

00 i 3

iy « BILPW _a (3585 Bad 64 4ie ana g SNR=5 (9 Ay %15 ) 4ol 2ie
. NNPW i 3588 SURE 4sis 4ady (128, 256) i agaa e
psaa dic Lol ¢ S S il il e Badlid 64 dde ana 9 SNR=10 (ol 4 die Ll
. NNPW g siball paiil) 34i5 SURE 4sie 4ady (128, 256) wiis
il S B (64, 128) Clie agaag SNR=5 (i gdd dady %25 O)id Ll vie Ll
Lo dad dic NNPW ziball il 5685 Badl Lady « BILPW il Alad) aa S JSg
sic NNPW g siball il 5 9d3 Badlid SNR=10 (s 9 dpesd die L) ¢ 256 4ie ana g SURE
. Al paa ML SURE 4e da

(NOise) U 9&ill dagd g8 JLaY) dad (s A3 jall dllani) g oy ulila & 1 (Chugdal) ) 8 LEY) 4uud) SNR
dapall (3 g Lgalaun Al g Gl 9 (o Ay giali La dagd ) 3 LAY dagd (s Al A AT Gy s ) Lgaa A gaaall
T signal < 4
O

SNR =

noise

(1) Joa
%15 (188 duud g L 3l Doppler Aal el pail) 45 jlaal MSE ks
n=256, n=128, n=64 <lis asaal
SNR=10, SNR=5 s ) 5 L) sl

Sure Universal CV

SNR=5 | sNR=10 SNR=5 | SNR=10 SNR=5 | SNR=10
n=64

BILPW 0.008549049 0.005227427 0.008549049 0.005707708 0.008660803 0.005950933

NNPW 0.01137165 0.003476178 0.01137165 0.008026567 0.01039031 0.008571250
n=128

BILPW |  0.005980702 0.002562171 0.006201697 0.004144090 0.005220842 0.003751049

NNPW | 0.004354519 0.0007674641 0.012780203 0.0078262521 0.012457109 0.0084027909
n=256

BILPW 0.005022379 0.002016555 0.005163397 0.004257144 0.003228726 0.002533447

NNPW 0.004539740 0.000819975 0.012043747 0.006687941 0.007608885 0.004947809
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%25 (188 A g L pdall Doppler Alal e paiil) 43 jaal MSE Jbas (2) Jsia

n=256, N=128, Nn=64 <l agaal
Sure Universal CV
SNR=5 | SNR=10 SNR=5 | SNR=10 SNR=5 | SNR=10
n=64
BILPW | 0.007344510 | 0.007176720 | 0.007347857 | 0.007201292 | 0.007011537 | 0.006876975
NNPW 0.001100342 | 0.002683086 | 0.009172540 | 0.007654546 | 0.010084178 | 0.007162644
n=128
BILPW | 0.007248219 | 0.006714784 | 0.007248219 | 0.006754326 | 0.006198533 | 0.005409072
NNPW 0.005692184 | 0.002093742 | 0.013338640 | 0.015012378 | 0.010669939 | 0.014001442
n=256
BILPW | 0.006098292 | 0.004774611 | 0.006107887 | 0.005219497 | 0.005051596 | 0.004587976
NNPW 0.001800386 | 0.002150283 | 0.012494907 | 0.012857971 | 0.009325779 | 0.009468753
SNR=10 (i gl ) 5 L) auud
%15 )8 A g L piall Heavisine 41l ¢l paiil) 45 il MSE Jbas (3) s
N=256, N=128, N=64 <is agaal
SNR=10, SNR=5 (sl ) 5 b} i
Sure Universal CV
SNR=5 | sNR=10 SNR=5 | SNR=10 SNR=5 | SNR=10
n=64
BILPW | 0.003066096 | 0.001967682 | 0.003066096 | 0.001948719 | 0.002949304 0.001616819
NNPW 0.007191990 | 0.004968865 | 0.007191990 | 0.004968865 | 0.007723249 0.005389867
n=128
BILPW | 0.002916352 | 0.002418341 0.004718343 0.003676820 | 0.004296007 0.003093401
NNPW 0.007926367 | 0.007182295 0.007926367 0.007182295 | 0.008365501 0.007515646
n=256
BILPW | 0.003385318 0.001895278 0.003684414 0.002332498 0.002735187 0.001860085
NNPW 0.008394714 | 0.0008245376 | 0.008394714 | 0.0054242743 | 0.007133697 | 0.0043006383
%25 o188 dus g A sdal) Heavisine Al e paiil) 45 il MSE s (4) Jsa
N=256, N=128, N=64 <:lis agaal
SNR=10, SNR=5 (i g4 () 8 L) qaeni g
Sure Universal
SNR=5 | SNR=10 SNR=5 | SNR=10 SNR=5 | SNR=10
n=64
BILPW | 0.004451925 | 0.003010090 | 0.004280591 | 0.002958905 | 0.004261573 0.002977074
NNPW 0.009904359 | 0.003827515 | 0.009904359 | 0.003827515 | 0.009756902 | 0.004040138
n=128
BILPW | 0.004400692 | 0.004492697 | 0.005256191 | 0.005193929 | 0.003930841 0.004717037
NNPW 0.01015389 | 0.009348700 | 0.01015389 | 0.009348700 | 0.01070821 0.009505115
n=256
BILPW | 0.005476270 | 0.002615957 | 0.005511742 | 0.003240697 | 0.003651969 | 0.002417226
NNPW 0.01189391 | 0.001828109 | 0.01189391 | 0.007985320 | 0.01206147 0.008413163
400 )39 (o alaZdW p gl (Al
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%15 01488 a9 L gdal) Blocks Alal il ki) 45 8al MSE Jbas (5) Jo>
N=256, =128, N=64 <lis agaal

SNR=10, SNR=5 (s ) 8 LA} sl

Sure universal CV
SNR=5 | SNR=10 SNR=5 | SNR=10 SNR=5 | SNR=10
n=64
BILPW 0.01292806 0.01099811 0.01293741 0.01185392 0.01308814 0.01268059
NNPW 0.02359827 0.01694785 0.02359827 0.01694785 0.02422041 0.01803987
n=128
BILPW | 0.007470279 | 0.007170973 | 0.009705658 | 0.008732684 | 0.009267112 | 0.009345974
NNPW 0.007200081 | 0.001074327 | 0.019806668 | 0.012437106 | 0.014724865 | 0.009124217
n=256
BILPW | 0.007693139 | 0.004930144 | 0.008798685 | 0.006924470 | 0.006408336 | 0.005978513
NNPW 0.003257468 | 0.001244590 | 0.015841133 | 0.010087934 | 0.008292005 | 0.008124213
%25 (8 dpui g A pdial) Blocks Al el ki) 45 jlial MSE Jbza (6) Jsta
n=256, N=128, N=64 <lis agal
Sure Universal CV
SNR=5 | SNR=10 SNR=5 | SNR=10 SNR=5 | SNR=10
n=64
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NNPW 0.02163477 | 0.002027726 | 0.02163477 | 0.013938524 | 0.02023906 | 0.015150115
n=128
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n=256
BILPW 0.008343347 | 0.006642113 | 0.010779446 | 0.008052630 | 0.006969543 | 0.006621683
NNPW 0.004971249 | 0.002244612 | 0.020124486 | 0.012172260 | 0.011774927 | 0.008597665
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Comparison some of methods wavelet estimation for non parametric
regression function with missing response variable at random
Abstract

The problem of missing data represents a major obstacle before
researchers in the process of data analysis in different fields since , this problem
is a recurrent one in all fields of study including social , medical , astronomical
and clinical experiments .

The presence of such a problem within the data to be studied may influence
negatively on the analysis and it may lead to misleading conclusions , together
with the fact that these conclusions that result from a great bias caused by that
problem in spite of the efficiency of wavelet methods but they are also affected by
the missing of data , in addition to the impact of the problem of miss of accuracy
estimation it is not possible to apply these methods because of the miss of one of

its conditions which is dyadic sample size N = 27

According to the great impact resulted from the problem , many
researchers who devoted their studies to process this problem , by using
traditional methods in processing missing data , whereas the current research
used imputation methods more efficient and effective to process missing data as a
primary stage so that these data will be ready and available to wavelet
application , as a result simulation experiment proved that the suggested
methods (Nearset Nighbor Polynomial Wavelet) are more efficient and superior
to other methods , this paper also includes the auto correction of boundaries
problem by using local polynomial models , and using different threshold values
in wavelet estimations.

Keywords / Missing data- Wavelet regression- Local polynomial- K-Nearest
Neighbor
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