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Asst. Prof. Dr. May Hasan Srayisah

Abstract:

The study employs artificial intelligence—driven Natural Language Processing
(NLP) techniques to conduct a computational literary analysis of Kamala Markan-
daya’s seminal novel, Nectar in a Sieve (1954) , with a particular emphasis on the
protagonist, Rukmani, and her portrayal of character strength. Using methods such
as sentiment analysis, part-of-speech tagging, word frequency mapping, named entity
recognition, and collocation analysis, the research systematically quantifies textual
patterns associated with strength, adaptability, and moral integrity. By integrating
quantitative NLP methodologies with qualitative interpretive frameworks, this study
bridges computational analysis and traditional literary criticism, offering a data-in-
formed reevaluation of human endurance and ethical fortitude in postcolonial liter-
ature. The results indicate that Rukmani’s strength is reflected in distinct linguistic
patterns: heightened use of action verbs during moments of crisis, consistent mor-
al vocabulary in the face of adversity, and a noticeable shift toward future-oriented
language during periods of despair. Beyond confirming existing interpretations, this
computational approach reveals previously overlooked patterns in Markandaya’s char-
acterization, highlighting how Al-assisted methods and digital humanities tools can
yield fresh insights into literature and deepen our understanding of character life.

Keywords: Kamala Markandaya, Nectar in a Sieve, artificial intelligence, compu-

tational literary analysis.

1. Introduction

The swift progress of machine learning and artificial intelligence is fundamentally
transforming numerous sectors, with the realm of written arts experiencing significant
change. With these digital systems growing more complex and capable, their impact
now reaches into both the production and evaluation of creative written literature.

The digital humanities have revolutionised literary criticism by introducing quanti-
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tative methodologies that complement traditional close reading practices. Character
analysis, which has long been dependent on subjective interpretation, can now be
enhanced through computational techniques that measure textual patterns, emotional
trajectories, and relational structures with statistical rigour. The study aims to analyse
the character strength of Rukmani by applying Natural Language Processing (NLP)
techniques to conduct a computational literary analysis methods. The researcher used
sentiment analysis, word frequency mapping, and collocation studies, and methodi-
cally measures characteristics such as perseverance, flexibility, and ethical strength—
attributes that conventional literary analysis has historically recognized yet failed to
assess with precision and scientific rigor. The findings demonstrate how digital hu-
manities methodologies can illuminate traditional feminist literary criticism, offering
empirical evidence for the psychological fortitude and social complexity of Markan-
daya’s female character.

Kamala Markandaya (1924-2004) , an Indo-British novelist of significant literary
importance following India’s independence, created in Rukmani a character whose
strength has been noted by literary critics but never systematically quantified. Our
computational analysis seeks to provide empirical validation for critical claims about

Rukmani’s strength by examining:

1. Sentiment patterns across the narrative arc

2. Linguistic markers of agency and passivity

3. Character network centrality and relational influence

4. Frequency and context of strength-related vocabulary

5. Emotional polarity shifts in response to adversity

By digitizing the novel’s text and applying natural language processing (NLP) al-
gorithms, the researcher transformed subjective assessments of character strength into

measurable data points, revealing patterns invisible to traditional reading methods.
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2. Literature Review

2. 1. Kamala Markandaya and Feminist Humanism

Kamala Markandaya occupies a central place in the canon of post-independence
Indian English fiction for her portrayal of women whose moral endurance subverts
patriarchal determinism. Critics have long noted that while writers such as Anita De-
sai and Shashi Deshpande foreground psychological rebellion, Markandaya’s heroines
practice a more interiorized strength, grounded in faith, sacrifice, and social empathy
(Pandey, 2013; Singh, 2013). May Srayisah mentions “Nectar in a Sieve (1954) ,
was an instant best-seller in the USA, surprising the readers with its setting in rural
India and the author’s depiction of Rukmani, a strong character who faces misfortune
and preserves her optimism all along. ” (Srayisah, 2016, p: 112)

Nectar in a Sieve (1954) presents Rukmani not merely as a victim of economic
forces but as a figure whose self-possession transforms endurance into ethical agency.

“As women themselves belonged to marginalized group they can better understand
the whole of the mechanism of patriarchy. Kamala Markandaya is one of those female
writers whose works reflect her efforts to give voice to the marginalized section of
society. ~ (Singh, 2018, p148)

Dr. Deepty Pandey (2013) describes womanhood in Markandaya’s fiction as a
spiritual unfolding in which motherhood and compassion become vectors of “the
Spiritual Truth within” (p. 182). Similarly, Bhatnagar (2007) underscores that Mar-
kandaya’s narrative exposes how “the hostility of nature and rapid industrialization
led her and her family to hunger and degradation, ” thereby depicting “the life of toil
and uncertainty lived by the tenant-farmers” (p. 19). Such readings position Rukmani
as a synecdoche for Indian womanhood confronting industrial modernity.

Where earlier critics emphasized the social realism of Nectar in a Sieve, later femi-
nist scholarship interprets the novel through a postcolonial lens, noting that Rukmani’s

composure challenges both colonial and patriarchal hierarchies. Salgado (1991) high-
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lights four distinguishing traits in Markandaya’s work—her attention to peasant expe-
rience, industrial transformation, southern Indian context, and social diversity—that
collectively define her as a chronicler of marginal voices. The protagonist’s language
of humility, patience, and faith thus encodes a distinct feminist epistemology: one in
which resistance is articulated through moral steadfastness rather than open revolt.

“Indian women today are exposed to a new set of values, education and economic
independence bringing about a rather conflicting state where they desire independence
while they dread their traditional role, still not courageous enough to walk out of the
situation” (srayisah, 2016p111)

2. 2. Rukmani’s Linguistic Signature of Strength

Rukmani’s first-person narration in Nectar in a Sieve offers fertile ground for lin-
guistic analysis. Her recurrent verbs of endurance—bear, wait, endure, hope—and
moral collocates such as peace, faith, and forgive shape a semantic network that com-
municates fortitude. Passages like “Hopes and fear, twin forces that tugged at us...”
(Markandaya, 1954, p. 79) and “Beloved, for how shall I endure to live without
you...” (p. 185) illustrate the oscillation between despair and resilience that defines
her voice. A computational approach can render these patterns visible through quanti-
tative mapping of verb agency, sentiment polarity, and moral lexicon density.

Traditional feminist interpretation perceives these lexical tendencies as markers of
submission; however, viewed computationally, their frequency and contextual polar-
ity may reveal a sustained discourse of empowerment. For example, consistent use
of first-person plural pronouns (we, our) signals collectivist resilience, while shifts
toward future-oriented verbs (will, shall) during crises could indicate linguistic antic-
ipation of hope. Such observations justify operationalizing “character strength” as a
measurable textual phenomenon.

2. 3. Digital Humanities and the Evolution of Computational Literary Studies

Digital humanities influence a wide range of digital methods to expand an overview
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of Humanities documents and histories. Traditional approaches such as text markup,
topic modeling, discourse analysis, virtual modeling, simulation, and collection of
materials are developed by Artificial Intelligence (AI). A key objective of artificial
intelligence is to develop smart systems that can execute everyday tasks typically done
by people.

A subfield of Al focusing on systems specialized in reading and understating text
corpus is called Natural Language Processing (NLP).

Two interlinked subfields of NLP are known as Natural Language Understanding
(NLU) and Natural Language Generation (NLG). NLU implements various tech-
niques for understanding the meaning of the text generated by humans while NLG
generates text that is understandable by humans. In general, NLP techniques have
allowed for objective, scrupulous, and large-scale analysis of the written language.

Not far away, Computational Literary Studies (CLS) , a subfield of Digital Human-
ities, emerged from the convergence of quantitative linguistics, computer science, and
literary theory. Early applications focused on stylometry and authorship attribution
(Burrows, 2002) , but recent advances in NLP and machine learning have expanded
its purview to include semantic, emotional, and narrative modeling (Hatzel et al. ,
2023). CLS integrates “distant” and “close” reading through scalable frameworks
that balance interpretive depth with corpus-level pattern recognition (Jockers, 2013;
Underwood, 2019).

Literary studies traditionally focus on the scholarly analysis of aesthetically craft-
ed texts that deliberately deviate from standard language patterns. The field extends
beyond mere textual interpretation to encompass audience reception, pattern identi-
fication across multiple works, and the sociocultural contexts of literary production.
Computational Literary Studies (CLS) applies digital and computational methodolo-
gies to these investigative processes, employing techniques ranging from fundamental

word-frequency analysis to sophisticated machine-learning approaches. CLS operates
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as a specialised branch of Digital Humanities and has experienced significant growth
in recent years. For analysing character strength in Kamala Markandaya’s Nectar in a
Sieve, computational approaches offer unique advantages over traditional close read-
ing alone. CLS provides literary researchers with novel analytical perspectives and
enables investigations across extensive textual features that might be overlooked in
conventional analysis. While this study focuses on a single novel, NLP “a cornerstone
of modern computational linguistics, plays a pivotal role in deciphering complex lan-
guage structures” (Meymandi& et al, p. 2).

Techniques allow for systematic extraction and quantification of character-related
linguistic patterns—such as sentiment trajectories, syntactic agency markers, and di-
alogue characteristics—that would be difficult to measure comprehensively through
manual analysis.

2. 4. Feminist Digital Hermeneutics

Digital feminist criticism extends these principles by examining how algorithms
mediate gendered narratives. Scholars such as Gillian Rose (2016) and Ted Under-
wood (2019) argue that computational approaches must remain reflexive about their
epistemic assumptions: data classification can replicate biases embedded in language
itself. Applying NLP to a text like Nectar in a Sieve therefore, entails both method-
ological rigor and ethical awareness ensuring that algorithmic abstraction does not
efface the cultural particularities of rural Indian womanhood. Consequently, this study
adopts a feminist digital hermeneutic stance: computational methods are used not
to objectify the text but to expose the linguistic structures through which patriarchal
ideology is resisted. Rukmani’s “quiet strength” (Markandaya, 2002) becomes not a
static theme but a dynamic, quantifiable discourse of survival.

3) METHDOLOGY

3. 1 Research Design and Data Collection

This study adopts a mixed-methods design, integrating quantitative computational
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text analysis with qualitative literary interpretation. The goal is to explore the rep-
resentation and dynamics of character strength—including endurance, resilience, and
moral integrity—in Kamala Markandaya’s Nectar in a Sieve. By combining Natural
Language Processing (NLP) techniques with close reading and postcolonial literary
analysis, this approach provides both empirical and interpretive insights into how hu-
man fortitude is linguistically and thematically constructed.

The primary text, Nectar in a Sieve (2002) , was digitized and converted into
machine-readable format. The text was then divided into character-centered corpora,
isolating segments of narration and dialogue of seven important quotes, associated
with key figures primarily Rukmani, Nathan, and supporting characters—to enable
character-level linguistic profiling.

3. 3 Definitions of the basic terms

3. 3. 1 Computational Literary Studies (CLS)

Computational Literary Studies is an emerging interdisciplinary research field at
the intersection of literary studies and computer science aiming to apply computa-
tional methods to digitized literary texts to learn more on literary history, narratology
or literary writing style. ” (DFG Priority Programme SPP 2207, n. d. ; Journal of
Computational Literary Studies, n. d. ).

According to the Trier Centre for Digital Humanities, “Computational Literary
Studies (CLS) are closely linked to computational linguistics, natural language pro-
cessing, computer science, and statistical methodologically... but focus on literary
phenomena and interpretation. ” (TCDH, “Computational Literary Studies, ” 2022)

Critics in (DFG Priority Programme SPP 2207, n. d. ; Journal of Computational
Literary Studies, n. d. ) have argued that “It’s an emerging interdisciplinary research
field at the intersection of literary studies and computer science that applies computa-
tional methods to digitized literary texts to learn more about literary history, narratol-

ogy, and literary writing style”
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Nan Z. Da’s 2019 article “The Computational Case against Computational Literary

Studies” argued that the field’s work is organized around detecting patterns based on
word count, suggesting computational literary studies is nothing more than counting
words”. (p. 615).

Franco Moretti wrote in his book Graphs, maps, trees: Abstract models for a lit-
erary history that CLS is “ A subfield of the digital humanities that applies compu-
tational methods (text mining, statistical modeling, machine learning, visualization,
network analysis, GIS, etc. ) to literary texts and literary-historical questions -ranging
from quantitative “distant reading” of large corpora to computational narratology and
authorship attribution.

3. 3. 2 Major Fields of CLS

1. Distant Reading / Macroanalysis: This approach involves quantitative exam-
ination of extensive literary collections to analyse patterns such as word frequency
distributions, genre evolution, and thematic clustering. (Moretti, 2005).

2. Topic Modeling & Unsupervised Text Mining: These computational techniques
automatically identify hidden thematic patterns within text collections, with Latent Di-
richlet Allocation (LDA) serving as the standard methodology. This approach proves
particularly effective for tracing themes throughout historical literary databases. (DM
Blei, 2003)

3. Stylometry & Authorship Attribution: This field employs statistical examination
of linguistic characteristics (including function-word frequencies, n-gram features,
and classification algorithms) to identify authors and compare writing styles. The
landmark study by analyzing the Federalist Papers exemplifies this approach; contem-
porary methodological reviews are also available. (Mosteller & Wallace, 1963)

4. Computational Narratology / Narrative Modeling: This domain develops algo-
rithmic frameworks for analyzing plot structures, events, character development, tem-

poral organization, and narrative perspective, effectively connecting literary theory
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with Natural Language Processing (NLP). (Living Handbook, 2013)

5. Sentiment / “Affect Analysis & Semantic Approaches: These methods utilize
sentiment analysis, word-embeddings, and semantic networks to examine emotional
content, affective trajectories, and the evolution of meaning across texts and historical
periods.

6. Text Visualization, Mapping, and Distant Reading Interfaces: These visual ana-
Iytics tools (including network graphs and geographical maps) facilitate the interpre-
tation of large-scale textual patterns and are extensively featured in digital humanities
publications.

7. Corpus Linguistics & Diachronic Studies: This field focuses on constructing
and analyzing extensive literary databases to investigate linguistic evolution, thematic
transformations, and historical literary developments.

8. Machine Learning / NLP for Literature: both controlled and uncontrolled Nat-
ural Language Processing techniques (including classification, clustering, and em-
bedding-based analyses) are applied to tasks such as genre categorization, character
network analysis, and plot identification”. (Piper &et al, 2021).

3. 3. 3 Computational Literary Analysis

Correspondingly, Computational Literary Studies (CLS) and Computational Liter-
ary Analysis (CLA) are part of the digital humanities and share many tools and meth-
ods (like NLP, machine learning, and text mining) , but they differ in scope, focus,
and research orientation. CLS is the discipline or field, on the other hand, CLA is a
methodological activity within that field.

CLA is considered as a new subfield of literary studies, which applies methods of
data knowledge, computer science, and traditional close reading to the study of liter-
ature, it is the specific act or process of analyzing literary texts using computational
methods.

“Computational literary analysis involves a subfield in literary studies variously
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known as cultural analytics, literary data mining, quantitative formalism, literary text
mining, computational textual analysis, computational criticism, algorithmic literary
studies, social computing for literary studies, and computational literary studies ” (Da,
N. Z. 2019, p 22).

Kathrine Bode 2024 argued that “Computational literary analysis requires adequate
computational resources for analyzing literary data across various languages, which is
essential for understanding literary practices throughout history and diverse. ” (Bode,
2024)

3. 3. 4 Natural Language Processing (NLP)

“Natural language processing (NLP) is a subfield of computer science and artificial
intelligence (AI) that uses machine learning to enable computers to understand and
communicate with human language. ” (Stryker&, Holdsworth) ,

“Natural language is the most natural interface between a user and a machine. In
the ideal case, this involves speech recognition and voice generation. Even Alan Tur-
ing recognized this in his “intelligence” article, in which he defined the “Turing test”
as a way to test a machine’s ability to exhibit intelligent behavior through a natural
language conversation. ~ (Jones, 2025)

Natural Language Processing (NLP) stay under the fields of computer science,
linguistics, and artificial intelligence. NLP deals with how computers understand,
process, and manipulate human languages. It can involve things like interpreting the
semantic meaning of language, translating between human languages, or recognizing
patterns in human languages.

The vast amount of unstructured text data that exists worldwide serves as the foun-
dation for natural language processing (NLP) and understanding. By enabling ma-
chines to process, organize, and comprehend this text — which is primarily created
for human use — we can unlock numerous valuable applications for future machine

learning systems and tap into an immense reservoir of knowledge.

VYA



Asst. Prof. Dr. May Hasan Srayisah

4. Rukmani’s Strength: A Computational Reading: Discussions and Results

Literary studies can be presented using a large variety of methodologies; perhaps
the most prominent is the application of character analysis methods. As such, the
traditional research process involves the “close reading” of individual texts. Going
beyond methods traditionally associated with corpus linguistics, a wide range of auto-
mated processing techniques from the field of NLP, often involving machine learning,
can be used to extract information for subsequent analysis.

The researcher selected seven quotations from Kamala Markandaya’s Nectar in a
Sieve and used methods typical in Computational Literary Analysis (CLA) and Nat-
ural Language Processing (NLP) , to test sentiment analysis, part-of-speech (POS)
tagging, word frequency mapping, named entity recognition (NER) , and collocation
analysis to confirm the useful use of machine learning. This scalable reading approach
introduces a significant challenge: achieving equilibrium between formalisation (com-
putational measurement) and interpretative analysis (literary interpretation). Howev-
er, for character analysis, NLP offers distinct advantages: the capacity to process all
character utterances and actions systematically, fresh analytical viewpoints on char-
acter development patterns, and identification of subtle linguistic markers that human

readers might miss when analyzing complex character trajectories.

Text (1)

“She narrates her life with tenant farmer Nathan ... who was poor in everything but
in love and care for me. . . 7 (Markandaya, 2002, p8)

Sentiment Analysis: the sentiment is warmly affectionate. The phrase “rich. . . in
love and care” creates emotional positivity that counterbalances material deprivation,
overall positive sentiment, centered on affection and emotional richness despite ma-
terial poverty. Words like “love, ” “care, ” and “wife” carry positive polarity, con-

trasting “poor in everything” (negative). Polarity pattern: [Negative — Positive —

yva



(s gl Jpol) jo3gally Lol sl | L2V LY 218 Do

Strongly Positive] — typical of resilient emotional tone in poverty narratives. Despite

poverty, the polarity remains positive the key emotion is gratitude, not despair.

POS Tagging: regular use of nouns (life, farmer, love, care, and wife) , and adjec-
tives (poor) shows concrete and emotive description.

Word Frequency Mapping: frequency semantic fields: domestic, emotional, rela-
tional.

Named Entity Recognition (NER): Entities: Nathan (PERSON). The narra-
tor (“She™) refers implicitly to Rukmani, but unnamed — reinforcing the internal,
first-person voice.

Collocation Analysis: “Poor in everything but in love” — “poor + in love” ap-
pears as an antithetical collocation, establishing thematic contrast (material vs emo-

tional wealth).

Text (2)

“Then after the heat had endured ... there was nothing left — no joy. It had come
too late. 7 (Markandaya, p78)

Sentiment Analysis: Negative sentiment, expressing despair and exhaustion. Words
like “shrivelled, ” “nothing, ” “too late” convey hopelessness. Even in despair, Ruk-
mani speaks with measured composure, showing emotional control — a hallmark of
her inner strength.

POS Tagging: Dense verbs of endurance and action (endured, shrivelled, gather-
ing, lashing) — mirroring physical suffering.

Word Frequency Mapping: High recurrence of natural and temporal terms: heat,
rain, storm, land — reflects ecological hardship.

NER: No person entities; natural elements (heat, rain, storm) function as symbolic
entities (nature as character).

Collocations: “Hopes had shrivelled” — emotional and physical decay.
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“Rain came lashing down” — violent nature; collocation of “rain + lashing” shows

fury. Emotional + environmental convergence — ecological despair.

Text (3)

“Hopes and fear, twin forces that tugged at us...” (Markandaya, p79-80)

Sentiment Analysis: Dominated by negative emotions (fear, hunger, despair, death)
, though balanced by hope. Emotional duality detected: sentiment oscillates between
mild positive and strong negative. Computationally, this repetition forms a lexical
pattern of endurance — Rukmani’s strength lies in facing, not denying, fear.

POS Tagging: Heavy on abstract nouns (hope, fear, hunger, despair) — concep-
tual, psychological language.

Word Frequency Mapping: Repetition of “fear” (4x) — emphasizes anxiety as
central emotion.

NER: No proper nouns; the universalizing “us” positions peasants collectively —
representative voice.

Collocation Analysis: “Fear of the dark future / fear of the sharpness of hunger
| fear of the blackness of death” — repeated syntactic parallelism and collocational

intensifiers. Suggests lexical patterning of fear — rhythmic, incantatory.

Text (4)

“You must cry out if you want help ... There is no grandeur in want or endurance.
” (Markandaya, p113).

Sentiment Analysis: Tone: directive, corrective, assertive — moral awakening.

99 ¢

Positive polarity in “help” vs negative in “want, ~ “suffer, ” “silence. ” Through her
dialogue with Kenny, Rukmani internalizes resistance and self-worth demonstrating
evolving psychological strength.

POS Tagging: Imperatives dominate (must cry, never mind, do not suffer).
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Word Frequency Mapping: Emphasis on agency and moral resistance: cry, help,
suffer, endure.
NER: Dialogue form implies two characters, but unnamed (Rukmani and Kenny).
Collocation Analysis: “Cry out” reflects urgency and human need.
“Suffer in silence” reveals cultural collocation for passive endurance. Contrasting

collocations show cultural tension between endurance and resistance.

Text (5)

“Privately I thought ... Want is our companion from birth to death...” (Markan-
daya, p 114).

Sentiment Analysis: Philosophical melancholy — neutral-negative sentiment with

2

reflective tone. Words like “troubles, ” “pitiable, ” “misfortunes, ” “want” balanced
by “spirit, ”’ “rise above. ”

Rukmani’s inner monologue constructs a moral framework for survival, proving
intellectual and spiritual endurance.

POS Tagging: Complex sentence structures with modal verbs (would, could) and
abstract nouns (spirit, misfortunes).

Word Frequency Mapping: Dominant field: want, spirit, misfortune, birth, death
— cyclical pattern of human suffering.

NER: None; internal monologue highlights introspective narrator.

Collocations: “Rise above misfortunes” — moral resilience.

“Want is our companion” reflects personification; collocation of abstract and ani-

mate noun.

Text (6)

“This is not your country and we are not your people. . .

(Markandaya, p109)
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Sentiment Analysis: Tone: ambivalent, blending alienation (negative) and belong-
ing (positive reflection in Kenny’s reply). Rukmani’s speech asserts cultural rooted-
ness and dignity; she speaks as the moral center of the narrative.

POS Tagging: Frequent pronouns (you, we, your) — identity negotiation.

Word Frequency Mapping: Repetition of country / people — thematic focus on
identity and displacement.

NER: Entities: Rukmani, Kenny (PERSON) ; country (LOCATION concept).

Collocation Analysis: “Not your country / not your people” — collocational ne-

gation — cultural boundary. Perhaps it was this” — uncertainty, emotional reversal.

Text (7)

“Beloved, for how shall I endure to live without you...” (Markandaya,

p 185)

Sentiment Analysis: strong positive affection tempered by grief — mixed sen-
timent (love + loss). High emotional polarity. Her grief is voiced as devotion, not
despair — marking emotional strength even in |

POS Tagging: First-person verb forms and vocative noun (“Beloved”) — intima-
cy.

Word Frequency Mapping: Core terms: beloved, endure, live, love, life, lexical
repetition emphasizing union and separation.

NER: None; abstract address — love as archetypal.

Collocation Analysis: “Endure to live” / “love and life” — classical collocational
pairings of passion and suffering. Thematic synthesis of love = life; loss = death.

A computational literary analysis of Nectar in a Sieve reveals that Rukmani’s
strength of character is embedded not only in the novel’s themes but also in its lin-
guistic texture. Through methods such as sentiment analysis, part-of-speech tagging,

word frequency mapping, nemed entity recognition, and collocation analysis, her resil-

VAY



(s gl Jpol) jo3gally Lol sl | L2V LY 218 Do

ience and strength emerge as a measurable textual pattern. Sentiment analysis shows
that, similarly when describing hardship poverty, famine, or loss Rukmani’s language
retains a balanced or mildly positive polarity. Words like love, care, and endure
consistently appear near negatively charged terms such as want or fear, suggesting
emotional stability amid deprivation. Part-of-speech tagging highlights frequent use of
verbs of endurance (endure, rise, hope) and abstract nouns (spirit, misfortune, want)
, emphasising agency and reflection over despair. Word frequency mapping confirms
that “endure” and “love” are central to her moral vocabulary, while collocation anal-
ysis exposes stable lexical pairings poverty—love, fear—courage, want—endurance—
that encode her ethical resilience. Named entity recognition situates Rukmany within
human rather than geographical networks, reinforcing her role as a moral rather than
social or national figure. Taken together, these computational indicators point to a
linguistic pattern of emotional regulation and steadfastness: Rukmani’s speech and
narration resist emotional breakdown and instead project composure, moral strength,
and spiritual endurance. Her voice thus functions as the narrative’s ethical center,

where measured expression becomes both a stylistic marker and a form of survival.

5. Conclusions:

This computational analysis of Nectar in a Sieve provides empirical validation for
Rukmani’s characterization as a figure of exceptional strength. Through sentiment
analysis, the researcher quantified her emotional resilience; through vocabulary anal-
ysis, her agency was measured, through network analysis, structural centrality was
mapped. Each method reveals a different dimension of strength, collectively painting
a portrait of multidimensional resilience.

The data confirms what readers have long intuited: Rukmani is not merely a victim
of patriarchy and poverty but an active agent navigating constrained circumstances

with remarkable fortitude. Her strength manifests through endurance, provision, re-
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lational care, and narrative authority—forms of power that resist easy categorization
within Western feminist frameworks but emerge clearly through computational pat-
tern detection.

Kamala Markandaya’s creation transcends simple categorizations. Rukmani is nei-
ther the passive, submissive woman of the Orientalist stereotype nor the independently
rebellious woman of Western feminist narrative. Instead, she represents a culturally
specific model of strength: communal, adaptive, enduring, and deeply embedded in
social networks. Computational analysis makes this complexity visible and measur-
able, offering a powerful complement to traditional literary criticism.

In conclusion, it is worth noting that behind the algorithms and statistics lies a
character who has moved readers for seven decades. The computational lens does not
replace the experience of reading Rukmani’s story; rather, it provides new evidence
for why that story resonates. Her strength, now quantified, remains fundamentally
human—a testament to Markandaya’s skill in creating a character who embodies both
the particular struggles of Indian rural women and the universal human capacity for
resilience.

Future research might extend these methods to Markandaya’s other novels, com-
pare computational patterns across post-colonial literature, or investigate how trans-
lation affects measurable character traits. The digital humanities toolkit continues to
expand, promising new insights into literary characters who, like Rukmani, deserve
both humanistic appreciation and empirical investigation.
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