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Abstract:
The scientific development witnessed by the world, especially in the fields of
information technology, artificial intelligence, digital data collection, processing, and

extracting results through digital research tools, has saved a great deal of time and effort, in
addition to providing accuracy in results, particularly in scientific research. Therefore, it was highly
important for historical research to have a share in this. Hence, the title of the research (Analysis of
Political Discourse in Early Islam Using Artificial Intelligence: Natural Language Processing (NLP)
Techniques and Python for Stylistic Analysis) is an important model demonstrating the possibility of
using artificial intelligence in historical research to achieve analytical digital results more quickly and
accurately. In its reading and analysis of historical narrations, the research relied on natural language
processing algorithms and the Python programming language, given the specificity of the Arabic
language and the difficulty of analyzing it using certain other algorithms. We selected the first sermons
of the Rightly Guided Caliphs and collected them to analyze using artificial intelligence, which
processed data and statistics for these sermons after reading them, lemmatizing their words, and
returning them to their root forms. Thus, this research represents an attempt to highlight the importance
of using artificial intelligence in historical research.
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