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This research seeks to explore the transformative role of artificial
intelligence techniques, particularly deep learning and digital
image analysis, in the automatic detection of basic rhetorical
figures (simile, metaphor, metonymy) in Arabic poetry from the
pre-Islamic era to the modern era. The study aims to overcome the
limitations facing traditional rhetorical analysis, which suffers
from subjective interpretation and the time required, hindering the
conduct of comprehensive quantitative studies of the evolution of
rhetorical phenomena throughout history. It also seeks to bridge
the gap between Arabic rhetorical heritage and modern
computational tools by presenting an applied methodology that
enhances literary and linguistic research with data-driven analyses.
The study adopted a quantitative analytical approach based on
deep learning techniques, following a series of meticulous steps to
ensure the accuracy of the results. The work began by collecting a
large database of poetic texts, covering ancient poetry (from the
pre-Islamic era to the Abbasid era) and modern poetry (from the
Renaissance era to the present day), relying on reliable digital
sources and verified texts. These texts then underwent a rigorous
linguistic processing process, which included:

Removing errors and impurities from the texts.

Unifying the spelling of hamzas and alifs.

Removing redundant diacritics that do not affect the meaning.
Dividing the texts into analytical units (verses or semantic
segments).
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The critical stage: Building the labeled database

To ensure classification accuracy, three Arabic rhetoric experts
manually classified 20,000 poetic verses, setting detailed
guidelines to ensure consistency in evaluation. The degree of
agreement between classifiers was also measured using statistical
measures to ensure data reliability.

Advanced deep learning models were developed, focusing on
natural language processing techniques, specifically the
"AraBERT" model, which is tailored to the Arabic language. The
models relied on representing texts with rich contextual vectors,
incorporating  additional linguistic features to improve
performance. It is worth noting that image analysis techniques
(computer vision) have not proven highly effective in this task, due
to its complex semantic nature. Training also included the use of
advanced techniques to prevent overfitting, such as early stopping
and random dropout.

The results showed that the model achieved high accuracy in
recognizing similes and performed well in detecting metaphors,
while it encountered greater difficulties in identifying metonymy,
given its close association with cultural context and external
knowledge. The study also revealed clear differences in the
patterns of rhetorical imagery usage between ancient and modern
poetry. The study recommends the following:

Expanding the Arabic rhetorical database to include more diverse
texts.

Improving the models' ability to understand metonymy by
incorporating contextual knowledge.

Developing more transparent models for interpreting results
rhetorically.

Conducting comparative studies to analyze the evolution of
rhetorical techniques across the ages.

Expanding the scope of research to include other rhetorical
images, such as metonymy and antithesis
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afipe (585 8 A (g all ayg o (QlSal) il 8 dine dopan blal e i g (S
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