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Mathematics Department

Abstract:

In this research, the method of neural networks was applied to analyze
the impact of inflation on the performance of the Iraqi market for securities
for the period from 1/1/2005 to 1/9/2011 because of this method of great
importance in conducting the analysis and study the impact and forecast on
the performance of the Iraqi market for securities, The results showed that
the application of the method of neural networks gave the results of high
accuracy in the estimation, where a total of squares of error and a very
small value was obtained, as well as the study of the effect of the variables
causing inflation. key words: Iraq Stock Exchange, Securities, Neural
Networks.
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72.90 84.41 74.24 116.85
77.70 84.24 73.51 114.03
73.55 84.13 73.37 117.86
74.03 83.42 110.07 116.58
73.13 84.04 101.25 117.41
73.96 84.50 98.21 116.59
75.43 84.25 98.43 115.07
77.91 79.42 98.46 116.73
79.74 79.08 120.60 119.06
75.00 80.26 120.61 120.61
78.54 80.79 117.65 116.69
77.72 81.58 119.26 114.02
80.38 81.59 120.02 112.85
83.22 81.78 120.61 112.41
84.37 81.09 117.77 111.29
83.51 80.62 116.85 108.07
84.27 80.69 114.03 108.15
84.33 80.33 117.86 108.15
84.37 80.40 116.58 107.46
84.21 80.43 117.41

83.95 80.11 116.59

83.89 74.63 115.07

84.23 77.18 116.73
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39.49 66.10 83.12 110.85
39.34 74.86 81.24 110.05
39.01 65.52 82.61 111.45
39.12 36.84 78.39 112.93
39.02 69.81 76.97 112.32
39.07 69.17 70.30 113.00
38.94 77.92 69.07 113.06
39.49 72.91 67.48 112.39
39.59 81.77 69.28 112.73
40.07 78.32 68.78 114.01
40.50 71.75 72.90 114.82
40.77 71.19 74.48 110.85
41.53 72.40 72.79 110.05
44.10 77.50 73.44 111.45
44.58 76.63 75.43 112.93
44.23 74.99 106.75 112.32
44.58 77.80 107.04 113.00
44.79 75.76 107.23 113.06
47.89 68.27 107.23 112.39
57.55 70.84 106.46
48.03 73.39 106.06
52.05 78.76 106.46
54.86 83.12 109.22
(3)ds>
Network Information
Input Layer Covariates 1 VAR00002
Number of Units® ' 1
Rescaling Method for Covariates Standardized
Hidden Layer(s) Number of Hidden Layers 1
Activation Function Hyperbolic
tangent
Qutput Layer Dependent Variables 1 VAR00001

Number of Units

Rescaling Method for Scale Dependents
Activation Function

Error Function

Standardized
Identity
Sum of Squares

(4)ds
Model Summary
Training Sum of Squares Error

Relative Error

Training Time
Testing Sum of Squares Error

Relative Error

16.473
540

0:00:00.03
3.107

667

Dependent Variable: VAR00001
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